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Abstract

This paper connects changes in employer characteristics through job transitions to employee earn-
ings following mergers and acquisitions. Using firm balance sheet data linked to individual earn-
ings data in Canada and a matched difference-in-differences design, we find that earnings of work-
ers at target firms decrease after M&As relative to control workers, largely driven by those who
move to other firms. Workers leaving targets move to larger and more profitable firms, but still
experience wage declines. These decreased earnings are also concentrated among workers with
longer tenure. These results are consistent with workers losing valuable match-specific premia
after M&A-induced job transitions.
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1 Introduction

Mergers and acquisitions (M&As hereinafter) often result in important changes in corporate struc-
ture and worker composition for both target and acquiring firms. While there exists a large litera-
ture on how M&As affect firm performance and market value, there is growing interest in under-
standing labor market impacts of M&As.° In theory, M&As may have positive or negative impacts
on worker earnings. If M&As lead to efficiency gains for the involved parties, workers at acquir-
ing firms or target firms may experience a wage increase through rent sharing. By contrast, M&As
may lead to layoffs through labor restructuring which could lead to earnings losses for displaced
workers. Furthermore, M&As can result in increased labor-market or product-market power, again
leading to lower wages. Since M&As may bring significant changes in both corporate and labor
structure, a key challenge in answering this question is to link worker and firm outcomes following
M&As to delve into potential mechanisms behind changes in worker earnings.

In this paper, we provide new empirical evidence on changes in workers’ labor market out-
comes following corporate M&As. While prior studies focus only on either firm-level outcomes or
worker-level outcomes, in our work we are able to link detailed firm balance sheet data from cor-
porate tax returns to worker-level earnings data from individual tax returns in Canada.’ This allows
us to not only assess employee-level outcomes, but also to study firm outcomes to connect and pin
down potential mechanisms behind our findings. Specifically, the detailed joint information on
firms and workers allows us to study the connection between changes in employer characteristics

via job transitions and employee earnings after M&As.

SThere exists a large body of literature that examines the M&A impacts on firm performance,
including Schoar (2002), Hoberg and Phillips (2010), Boucly et al. (2011), Davis et al. (2014),
Braguinsky et al. (2015), Blonigen and Pierce (2016), Malmendier et al. (2018), and Demirer and
Karaduman (2024). A growing body of studies assesses the impacts on workers, including Brown
and Medoff (1988), Siegel and Simons (2010), Dessaint et al. (2017), Ouimet and Zarutskie (2020),

Prager and Schmitt (2021), Arnold (2025), Lagaras (forthcoming), and He and le Maire (2025).
"While Arnold (2025) also uses employer-employee matched data in the U.S., the LEHD

dataset does not have detailed firm balance sheet information, such as profit margins, and therefore

cannot be used to simultaneously evaluate firm-level and worker-level outcomes.



In the first part of the paper, we explore how firm outcomes change around the time of an
M&A event. To do so, we implement a matched difference-in-differences design, where we match
firms that go through M&A events to otherwise similar firms that never undergo M&As during
our sample period. This implies all impacts throughout the paper are relative to the matched
control groups. Importantly, in our setting, around 80 percent of M&A events involve acquisitions,
where the target sells its assets, divisions, or only a part of its shares, and remains operating as a
separate entity following the M&A event. This allows us to track both the target’s and the acquirer’s
outcomes after the event, so that we can assess the impacts on targets and on acquirers separately.
By contrast, in mergers, the entirety of the target is sold to (or merged with) the acquirer, meaning
there is a definite change of control. Given that there can be qualitative or quantitative differences
in firm-level impacts depending on whether there is a change of control, we separate our firm-level
analyses into those involved in acquisitions and those involved in mergers. Given that the majority
of M&As in Canada involve acquisitions, analyzing these activities in addition to mergers allows
us to exploit more events and to examine a broader sample of relevant firms and workers.

Focusing on these acquisitions, we find that acquirers expand, while targets shrink substantially
after M&As relative to their matched control firms. In particular, acquirers’ employment increases
by 18.8 log points, without much change in average payrolls. By contrast, targets’ employment
and average payrolls decrease by 8.9 log points and 2.6 log points on average, respectively. At the
aggregate (pooling targets and acquirers) level, however, we find almost no changes in employment
or average payrolls in either mergers or acquisitions. Furthermore, we find decreases in profitability
for both targets and acquirers following the M&A event relative to their matched control firms.

To interpret our firm-level results as causal, one would require that selection into M&A activi-
ties is independent conditional on the variables included in the matching procedure. This may be a
strong assumption in practice. A priori, the sign of the bias is unclear and likely context dependent;
therefore, another way to interpret our evidence is as a descriptive exercise of how firm outcomes
evolve around M&A events, without attributing the changes to the causal impact of the M&A.

Since the main focus of our analysis is studying worker outcomes, we can assess how changes in



the firm-level outcomes are related to the changes at the worker level.

In the next part of the paper, we turn to our main focus: worker-level outcomes. To do so,
we study incumbent workers that were employed at the M&A firms for at least 4 years prior to
the M&A event. For the worker-level analysis, our identifying assumption is that workers do not
selectively enter firms that are participating in M&A events in the future. Because the workers
make this decision many years before the M&A event, we find this to be a plausible assumption,
which is validated by studying pre-trends before the event.

For workers at acquiring firms, we find relatively stable earnings after M&As relative to their
matched control worker. However, for target workers, we find their earnings decrease by 1.2
percent relative to their matched control workers. Conceptually, this decline in worker earnings
may stem from workers at target firms facing an increased risk of job displacement or workers at
target firms experiencing earnings losses due to changes in target firms’ wage setting.

To test this, we first estimate the impact of M&As on job transitions. For target workers, we
find there is a large increase in the probability of job transitions in the year following an M&A
event. Therefore, even though in aggregate employment does not change, the M&A event is dis-
ruptive for incumbent workers. We also find that most of these post-M&A job transitions are to
different companies, rather than to unemployment. By contrast, for workers at acquiring firms, we
find no change in the probability of job transitions. For individuals who remain at target firms, we
observe gradual and medium-run declines in their earnings relative to their matched control work-
ers, resulting in a statistically insignificant decrease in earnings (0.8 percent) on average. However,
target workers who move jobs after an M&A event suffer immediate earnings losses that continue
to accumulate over time, resulting in earnings that are about 3.3 percent less on average after the
M&A event. Given the relatively substantial losses for workers in this group, the next part of the
paper explores the source of this decline in earnings.

First, we explore whether changes in the characteristics of the firm employing the worker can
explain the drop in earnings, following a recent literature on job displacement (Schmieder et al.

2023 and Lachowska et al. 2022). The firm balance-sheet data allows us to test whether there are



observable differences between the target firm and the new firm that target workers move to. We
find that the new firms are larger, more profitable, and have higher firm-specific wage premia on
average compared to the target firms. This result suggests that the decline in job movers’ earnings
cannot be explained by these workers moving to observably worse firms. Importantly, most of
these job movers from target firms move to non-acquiring firms, meaning that this transition to
larger firms is not mechanically driven by worker reallocation toward acquirers.

Similar to the job displacement literature that utilizes mass layoffs as exogenous separation
events, M&As may be conceptualized as generating exogenous separations for workers (Jacobson
etal., 1993; von Wachter et al., 2009; Lachowska et al., 2022; Schmieder et al., 2023). Our findings
suggest the context of the layoff may matter for future job prospects, as we find distinct patterns
relative to the prior literature. First, while we find job movers drive the earnings declines for target
workers, the losses for these movers are significantly less than those found in the mass-layoff liter-
ature. Additionally, the patterns of re-hiring are distinct, with the workers in our setting moving to
observably better-paying firms, but still suffering earnings losses. While the prior literature differs
on the contribution of firms to earnings losses (Schmieder et al., 2023; Lachowska et al., 2022),
we find that earnings losses would be even larger in the absence of changes in firm characteristics.

These results are therefore potentially useful for understanding job transition dynamics and
the importance of match effects in the labor market. To further explore these results, we conduct
heterogeneity analyses based on worker tenure measured one year before the event. We find that
the declines are almost entirely driven by workers with longer tenure. In our final section, we
discuss two broad classes of models that are consistent with our evidence. The first class of models
is based on settings in which contracts are structured in a way that long-tenure workers earn more
than their marginal productivity (Lazear, 1979; Burdett and Coles, 2003, 2010). In this case, an
M&A may destroy inefficient jobs from the perspective of the firm. In the second class of models,
high-tenure workers are especially productive at the firm either due to firm-specific human capital
or job-shopping mechanisms (Lazear, 2009; Menzio and Shi, 2011; Schaal, 2017; Bagger et al.,

2014). In this case, an M&A may destroy productive jobs in the labor market. While we highlight



two broad classes of models to understand the earnings losses for target workers, we acknowledge
that there may be other classes of models and mechanisms consistent with our overall findings.

This paper contributes to several distinct literatures. Most directly, we contribute to a literature
on the impacts of M&As on the labor market. There are two broad classes of papers within this
literature. One set of papers focuses on market-level impacts due to concentration (Prager and
Schmitt, 2021; Arnold, 2025), while the other set focuses on direct impacts within M&A firms and
workers (Lagaras, forthcoming; He and le Maire, 2025; Todd and Heining, 2024). Our paper is
mostly related to the latter set of papers, as we find that most of our events generate limited impacts
on concentration in our setting.

Relative to this second set of papers, we have two primary contributions. First, these prior stud-
ies argue that changes in firm characteristics are an effective way to explain post-M&A earnings
changes. For example, Todd and Heining (2024) finds increased earnings of workers who stay at
a target firm, and attributes this to shared rents between the acquiring firm and target firm. He
and le Maire (2025) finds that high-wage managers are displaced in target firms, which can impact
workers who stay at the firm. Similar to our paper, Lagaras (forthcoming) focuses on job movers
from target firms, finding that their earnings losses are largely explained by transitions to lower-
paying firms. By contrast, our balance-sheet data allows us to go beyond firm wage premia and
look at the actual firm characteristics. An important argument in the prior work is that rent-sharing
potentially drives worker outcomes. This could be rents within the merging firm and how they are
shared (He and le Maire, 2025; Todd and Heining, 2024) or rents at the new destination firm for
job movers (Lagaras, forthcoming). The balance sheet data allows us to get direct measures of
profitability, providing direct evidence on this rents channel.

Our second main contribution is that we find notably different results compared to the prior
literature. Our worker-level evidence seems inconsistent with changes in firm rents driving the
outcomes. In particular, workers who leave targets move to firms with higher wages and prof-
itability, yet still suffer earnings losses. This highlights one important takeaway from this recent

literature on how M&A events impact workers: M&A events can be heterogeneous, and results in



one context may not apply to others.

Lastly, there is a large literature in finance and industrial organization on how M&As affect
firm performance, finding mixed results (Schoar 2002, Hoberg and Phillips 2010, Boucly et al.
2011, Davis et al. 2014, Braguinsky et al. 2015, Blonigen and Pierce 2016, and Malmendier et
al. 2018). Our paper contributes to this literature by estimating the impact of M&As on a variety
of firm-level outcomes and by finding results consistent with the set of studies reporting negative
impacts of M&As on firm profitability. We then use these firm outcomes to rule out alternative
mechanisms, such as changes in firms’ market power, behind the decline in worker earnings. Our
ability to link these firm outcomes to the worker outcomes is unique to the literature.

This paper is organized as follows. Section 2 provides institutional details, Section 3 describes
our data, Section 4 describes our design, Section 5 shows our main results, and Sections 6 and 7

discuss potential mechanisms behind and interpretations of our findings. Section 8 concludes.

2 Institutional Background

This section describes relevant institutional details about competition policy. Competition policy in
Canada is administered by the Competition Bureau, which enforces a two-step process for merger
reviews, similar to the American process with notification thresholds and a supplementary informa-
tion request. The thresholds for a pre-merger notification requirement are set by the Competition
Act. The two most relevant thresholds are the size of the parties and the size of the transaction.
Both of these must be met to trigger a pre-merger notification.® In our analysis sample, most M&A
deals and involved parties are not large enough to trigger these thresholds.

Until recently, the Competition Act featured an “efficiencies defence” of mergers, allowing
anti-competitive mergers to proceed if potential cost savings outweighed the losses to consumers

through higher prices. In the U.S. and many other jurisdictions, efficiency is also considered as

8The combined parties must have aggregate assets in Canada, or aggregate annual gross revenue
in or from Canada, in excess of 400 million Canadian dollars. The aggregate value of the assets in
Canada to be acquired, or the aggregate annual gross revenue in or from Canada generated from

those assets, must be greater than 93 million Canadian dollars.



a factor in antitrust decisions for mergers but is given less weight.” Recent legislation repealed
the efficiencies defence for merger reviews after December 2023. In Appendix C, we provide

institutional details regarding the relevant labor regulation in Canada.

3 Data

3.1 SDC Platinum Database

The SDC Platinum database is used extensively both in the finance industry and among academic
researchers as it provides comprehensive coverage of M&A activities, including near-universal
coverage of transactions for publicly traded as well as private companies in Canada.'” This
database is also used by other related papers studying M&As, such as Boucly et al. (2011), Cun-
ningham et al. (2021), and Lagaras (forthcoming).'" The SDC database contains variables that
indicate the type of a transaction, such as a merger or different kind of acquisition, and identify
the target firm and the acquiring firm in each transaction. Our main analyses include both mergers
and acquisitions, although we also show our results separately for these two types of events. Since
the literature focuses on the change of control as a key determinant of post-M&A outcomes, we
include acquisitions given that many of them may result in a change of control. To understand
this choice, we provide details on how the SDC database categorizes each M&A transaction in
Appendix C. Furthermore, the SDC dataset includes names of the parties, NAICS industry codes,

and addresses. The dataset on M&A activities was merged with the firm-level data from the Cana-

9Ware and Winter (2016) assert (p. 366) for Canada that “in no other jurisdiction in the world
would a court accept evidence of substantial price effects from a merger and yet allow the merger.”

A comparison of efficiency defences across many OECD countries is found in OECD (2013).
10The SDC Platinum is available from London Stock Exchange Group, which acquired the Re-

finitiv platform from Thomson Reuters. It is used by industry professionals to research industry
trends (e.g., market share of M&A deals across firms) and to compare the financial aspects of past
deals. While the main purpose of this data being collected may be industry use, the database is

also marketed broadly to academic researchers.
'While Barrios and Wollmann (2024) notes that the SDC data may not cover all M&A deals

in the U.S., identifying potentially missing M&As in Canada (which might be a small share) is
beyond the scope of our study.



dian Employer-Employee Dynamics Database using all available identifying variables. The match
rate is around 75 percent on average from 2001 to 2017, comparable to Boucly et al. (2011) and
Lagaras (forthcoming) that match the SDC data with French and Brazilian administrative data,

respectively.'?

3.2 Canadian Employer Employee Dynamics Database (CEEDD)

The Canadian Employer-Employee Dynamics Database combines individual (T1) and corporate
(T2) tax return records with job-level information from T4 employee tax records, Record of Em-
ployment (ROE) data on work history, and firm-level information from the National Accounts
Longitudinal Micro-data File (NALMF) from 2001 to 2017. The main firm-level outcome vari-
ables are employment, average payrolls, and profitability. Employment is defined as the average
number of employees reported on the NALMF. Average payrolls are defined as the sum of workers’
earnings at a given firm divided by the number of employees from T4 records. We use two different
measures of profitability: (1) profit margins, defined as total revenue minus total expenses scaled
by total revenue, and (2) returns on assets, defined as total revenue minus total expenses divided
by total assets. At the worker level, the key outcome variable is annual earnings, aggregated across
all employers for that worker in a given year. While we include earnings across all employers, we
associate workers with the “dominant” employer from which the employee receives the highest
pay in the year. We also use information on workers’ gender and age derived from the T1 income

tax filing for creating a matched control group.

4 Empirical Strategy

This section describes our empirical design and provides descriptive statistics on our matched

sample. To estimate the effects of M&As on firm-level outcomes, we implement a difference-in-

2In Boucly et al. (2011) and Lagaras (forthcoming), the number of identified mergers is 1,193
and 2,926, and the final sample after data matching contains 839 and 2,096 relevant transactions

for a gross match rate of 70 and 72 percent, respectively.



differences design by estimating a regression of the following form:
5
Yj = Z/Bﬁ“‘ﬂ(tj =t +k) X MA; + 1, + ) + uj (1)
k=—4

where Y]-t is an outcome variable for firm j in year f, MA]- is an indicator for an M&A firm,
1(t; = t' + k) indicates an M&A event occurred k years in the past (or future) relative to the period
of the M&A event t*, 7; are year fixed effects that vary by the year of the M&A event, 1; are
firm fixed effects, and u; is an error term. To absorb any industry-specific shock affecting M&A
activities in a given year (Maksimovic and Phillips 2001), we include 4-digit industry dummies
interacted with year dummies as control variables. Furthermore, we include a quartic function in
firm age to ensure that our results are not driven by differences in financial constraints of firms.
The standard errors are clustered at the firm level. Note that for firms that go through M&As more
than once, we focus on their first M&A event although we still allow the subsequent M&A event(s)
to affect their outcomes in the post-event period.'? Furthermore, most of the M&A firms and their
matched control firms are private companies (96 percent) in our analysis sample, so our results
remain nearly unchanged even if we focus our analyses exclusively on private firms (Appendix A).

In our matched sample described in the next subsection, roughly 80 percent of M&A events
involve acquisitions. Relative to a merger, an acquisition results in the target firm continuing
its operation as an independent entity, which allows us to keep track of the target’s outcomes
separately from the acquirer’s outcomes after the event. When assessing acquisitions, we look at
targets and acquirers separately. In contrast, when assessing mergers, we look at the aggregate
(targets and acquirers pooled) outcomes. Additionally, we use the worker-level data to examine

the extent to which workers reallocate from targets to acquirers.

13When focusing on the first acquisition or merger, we still cover the subsequent event(s) in the
post-event period for firms that go through M&As more than once. While the majority (roughly 70
percent) of firms go through a merger or an acquisition only once during our sample period, there
exists a handful of acquirers that engage in M&As more than once. Our main analysis sample still
includes these acquirers involved in multiple M&As over time. In addition, we separately examine
acquirers that go through multiple M&As in Appendix A.

10



To assess worker-level impacts, we estimate a similar difference-in-differences model:

5
Yie = Z ﬁkMAJl(tl- =t +k) X MA; + 14 + w; + Uit 2)
k=—4

where y; is an outcome variable for incumbent worker 7 in year t and w; are worker fixed effects.
The standard errors are two-way clustered at the worker-by-firm level.'

The identifying assumptions necessary for interpreting our event-study estimates as causal im-
pacts of M&As depend on the unit-of-analysis. To interpret ;"4 in Equation (1) as the causal
impact of M&As on firm-level outcomes, we need to assume that selection into a M&A activity
is independent of u;, conditional on the observables that are used in the matching process. This
may be a strong assumption in practice. A priori, the sign of the bias is not obvious. For example,
Demirer and Karaduman (2024) finds that high-performing firms target underperforming firms and
improve efficiency, suggesting target firms are on a downward trend trajectory prior to the event.
By contrast, Cunningham et al. (2021) finds that innovative firms are bought as a way to preempt
competition, suggesting that these target firms may have been on an upward trajectory before the
M&A event. For the acquiring firm, a literature in corporate finance has posited various motiva-
tions for engaging in M&A activities. For example, Shleifer and Vishny (2003) and Rhodes-Kropf
and Viswanathan (2004) argue that overvalued companies may engage in M&As to take advantage
of their overpriced stock. While most of our M&As are not stock purchases, a similar concern
remains: firms that acquire other firms may be on a different trajectory than firms that do not buy
other firms.

Our main approach is to examine parallel trends in the years prior to the M&A to understand
whether the acquiring or target firms are on different trajectories relative to their matched control
firms. While we find validation for this design, coinciding shocks or information revealed in the
M&A process may also impact firm outcomes following the event. Furthermore, even though the

trends are parallel prior to the event, the question still remains whether firms involved in M&As

4Our results are robust to two-way clustering standard errors at the worker and the market

(4-digit industry by commuting zone) level — see Appendix A.
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and firms not involved in M&As are truly comparable over time. Therefore, one way to interpret
these results is that it allows us to descriptively trace out how outcomes at firms are evolving
relative to an M&A event. Since the main focus of this paper is studying labor market impacts,
assessing firm-level outcomes allows us to connect changes in firm characteristics with changes in
worker-level results, which helps us understand potential mechanisms behind worker outcomes.
At the worker-level, the identifying assumptions are arguably more plausible. To identify the
causal impacts of M&As on workers, we need to assume that workers are not selecting into firms
based on future M&A activities. Since we match workers at treated firms to workers in the matched
control firms (which have similar trends in firm-level outcomes in the pre-period), we find this
to be a plausible assumption, particularly because we impose a 4-year tenure restriction which
ensures that the M&A event occurs many years after the worker makes the decision to work at the
firm. The identification strategy at the worker-level is similar in spirit to the pioneering work of
Jacobson et al. (1993) which studies the impact of job displacement on workers using mass layoffs
as exogenous events. In their study, they require workers to not selectively enter firms that will or
will not engage in a mass layoff in the future. Similarly, we require workers to not selectively enter

a firm based on a future M&A activity.

4.1 Matched Samples

Before performing a matching procedure between M&A firms and potential control firms, we
make the following restrictions. First, we require a firm to have at least 10 workers one year prior
to the event. This choice focuses our sample on economically active firms with enough pre-period
observations. Additionally, we drop a small share of firms that have missing observations for the
key variables used for matching. During our sample period, the total number of M&A events is
750 per year on average among the sample of firms eligible for matching (see Figure 1). We then
match each firm one year prior to an M&A event to a control firm in the same province and 2-digit
NAICS sector. A firm is a potential control firm for firm j if: (1) the firm is never involved in
an M&A event during our sample period, and (2) the firm is in the same decile bin of firm-level

average payrolls and is in the same 15-quantile bins in total revenue and firm age one year prior

12



to the M&A event of firm j."> Of all the possible counterfactual firms for a given M&A firm, we
choose the firm with the closest propensity score (one-to-one matching within a caliper), which
is estimated by predicting treatment using a linear probability model with a quadratic function in
total revenue, average payrolls, and firm age in year [f — 1]. The matching strategy finds a control
firm in about 79 percent of all cases among the eligible sample. We provide descriptive statistics
on the sample of unmatched eligible M&A firms and show robustness test results including these
excluded firms in Appendix A.

Choosing one counterfactual control firm per M&A firm in a given year ensures that the treated
and control groups are comparable on the matched variables. We construct an unbalanced panel of
firms which extends 4 years prior to and 5 years after the M&A event. Identification here comes
from differences in always-treated and never-treated units over time, not from units coming in and
out of treatment.'°

Matching on size, sector, and province finds treatment-control pairs that would plausibly ex-
hibit common trends in the absence of M&A activity. While we do not explicitly match firms based
on a market (defined at the 4-digit NAICS by commuting zone level), it is possible that firms are
matched within the same market. This raises a potential concern if M&As have impacts on local
labor markets through increased concentration, which would bias our estimates towards zero. To
minimize this concern, we do a robustness check by matching firms within the same province, but
in different markets (Appendix A).

To construct the worker-level sample, we extract all workers who were continuously employed
in the matched firms during the entire pre-event period (4 years). This tenure restriction is chosen

to obtain a sample of workers with attachment to the M&A firms and is similar to tenure restrictions

50Our main results remain robust to using firms’ profitability as an additional matching variable
(Appendix A).

16We let the first M&A event in our analysis sample start from 2005 to ensure that our matched
control firms did not go through any M&A event at least 4 years prior to (or after) the first M&A
event, given that our data starts from 2001. In this way, we ensure that none of the matched control
firms went through any M&A event from 2001 to 2017.

13



used in the mass layoff literature (Jacobson et al., 1993; von Wachter et al., 2009; Lachowska et
al., 2022). The tenure restriction limits the possibility that workers select into firms that are likely
to get acquired in the near future. Additionally, we restrict workers to have at least 3,900 CAD in
annual earnings and drop multiple jobholders to ensure that we study full-time workers with stable
income and attached to their firms (Card et al., 2013; Sorkin, 2018), given that we do not observe
work hours in our data. For each worker in a treated firm, we choose a worker in any of the matched
control firms in the same sector, province, worker age (five-year) bin and gender. If more than one
match is found, we choose the worker with the closest propensity score to the treated worker (one-
to-one matching within a caliper), where the propensity score is estimated by predicting treatment
using a linear probability model with a squared function in worker age. In total, about 60 percent
of workers at treated firms are matched to control workers among the sample of eligible workers
at matched control firms. We provide descriptive statistics for the unmatched workers and show

robustness test results including these excluded workers in Appendix A.

4.2 Descriptive Statistics
Panel A of Table 1 shows the averages for key variables across firms, comparing M&A firms to
the set of matched control firms one year before the event. On average, M&A firms are a bit
larger than their control firms, in terms of total revenue, expenses, and employment. However,
for average payrolls, leverage ratio, and markups, M&A firms are comparable to their control
firms, suggesting that firms that go through M&As and firms that never get involved in M&As are
comparable with regard to their average employee compensation and financing structure prior to
the event. However, as shown in Columns (3) and (6), many of the differences are statistically
significant. The matching design does not rely on eliminating all differences between groups, but
rather identifying a group that would exhibit parallel trends in the absence of an M&A event. As
we show in Section 5 and Appendix B, M&A firms and their control firms share parallel pre-trends
on these variables.

Panel C of Table 1 shows average worker characteristics in our analysis sample one year before

the event. We distinguish between workers at acquiring firms and workers at target firms. Annual
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earnings are 70,046 CAD and 71,386 CAD among workers at acquiring firms and workers at the
matched control firms, respectively. Annual earnings are 70,625 CAD and 72,317 CAD among
workers at target firms and workers at the matched control firms, respectively. Therefore, annual
earnings of treated workers are comparable to those of control workers on average. The difference
between average payrolls in Panel A and annual earnings in Panel C arises because not all workers
from treated firms are matched to workers at control firms, as we impose restrictions on tenure,

worker age, and gender for matching.

5 Results

5.1 Post-M&A Firm Size and Average Payrolls

Figure 2 plots estimates of IBQM from equation (1) across the main firm-level outcomes using our
matched sample. As mentioned in Section 4, we show these results separately for targets and for
acquirers involved in acquisitions (Panels (a) and (b)) and for the aggregate (targets and acquirers
pooled, Panels (e) and (f)). Panel (a) shows that acquiring firms’ and target firms’ employment
followed a similar pattern as those of their matched control firms before the M&A event. While
acquirers’ employment significantly increased after the event, targets’ employment decreased rela-
tive to the matched control firms. Panel (b) shows that the pre-event trends for average payrolls are
also similar between M&A firms and their control firms. While acquirers’ average payrolls stayed
flat after the M&A event on average, targets’ average payrolls significantly decreased relative to the
control firms’ average payrolls.!” In Panels (e) and (f), we pool targets and acquirers and compare
their outcomes with those of their matched control firms before and after the M&A event. Here,
we simply drop the distinction between acquirers and targets when estimating equation (1) so that
acquirers, targets, and their matched control pairs are all in the same estimation. The black line

and red line indicate the aggregate outcomes for those involved in mergers and for those involved

7To account for a small share of firms (especially among targets) that exit the sample after the
M&A event, we repeat the same analysis using outcomes measured in levels instead of in logs,
where we replace the missing observations with zeros. We find qualitatively similar results when

we use the outcomes in levels (see Appendix A).

15



in acquisitions, respectively. In the case of acquisitions, employment and average payrolls did not
change much after the event on average, except for the initial drop in average payrolls. Similarly,
in the case of mergers, employment and average payrolls stayed flat after the event on average,
except for an initial but temporary rise in employment.

To interpret the magnitude of these results, Table 2 presents the difference-in-differences esti-
mates on these outcomes, separately for targets and for acquirers involved in acquisitions (Columns
1 and 2) and for the aggregate (Columns 3 and 4). Column (1) shows that relative to matched con-
trol firms, target firms’ employment and average payrolls fell by 8.9 log points and 2.6 log points,
respectively, after the event. Column (2) shows that acquiring firms’ employment increased by
18.8 log points, without significant changes in average payrolls, after the event. Columns (3) and
(4) show these outcomes in the aggregate, separately for those involved in acquisitions and for
those involved in mergers. Columns (3) and (4) show that employment and average payrolls did
not change much on average in the aggregate in the case of either acquisitions or mergers.'® Over-
all, our results show that M&As lead to mechanical firm-size adjustments when we look at targets
and acquirers separately, but in the aggregate, firm size remains relatively flat both in acquisitions
and in mergers. To get a better sense of the impacts on worker reallocation and average payrolls,
we use worker-level data to assess the impacts of M&As on worker earnings and job transitions in

Section 5.3.

5.2 Post-M&A Firm Profitability

Next, we examine how firm performance changes after M&As. We use two measures of profitabil-

ity: profit margins and returns on assets.'” Panel (c) of Figure 2 shows the results on profit margins,

18In Column (3), the average estimates are weighted by the relative sample sizes between targets
(Column 1) and acquirers (Column 2), where the target sample size is much larger. Therefore, the
negative coefficient estimates from the targets carry a larger weight than the positive coefficient
estimates from the acquirers, leading to zero (or slightly negative and insignificant) effects on

average at the aggregate level.
"We also find qualitatively similar results using another performance measure, NIBTEI per

worker (Appendix B).
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separately for targets and for acquirers involved in acquisitions. Before the M&A event, both tar-
gets’ and acquirers’ profitability moved in parallel with those of their matched control firms. While
acquirers’ profit margins decreased significantly after the event, targets’ profit margins spiked in
the year of M&A, and decreased afterwards. The initial spike in profits at targets may be due di-
rectly to the M&A transaction, rather than a long-term increase in profitability of the firm. Panel
(g) shows the aggregate outcomes (targets and acquirers pooled) separately for those involved in
acquisitions and for those involved in mergers. In both cases, we find that profit margins decreased
after the event in the aggregate. We find similar results for return on assets (Panel (d) and (h)).

To interpret the magnitude of these results, Table 2 presents the difference-in-differences esti-
mates on these outcomes. Columns (1) and (2) show that targets’ profit margins decreased by 0.7
percentage points, while acquirers’ profit margins decrease by 1.9 percentage points on average
after the event, relative to matched controls. Columns (3) and (4) show that in the aggregate, profit
margins decreased by 0.9 percentage points in the case of acquisitions, while they decrease by 1.9
percentage points in the case of mergers. Columns (1) and (2) show that targets’ returns on assets
decrease by 3.3 percentage points, while acquirers’ returns on assets decrease by 1.3 percentage
points on average. Columns (3) and (4) show that in the aggregate, returns on assets decrease by
2.7 percentage points in the case of acquisitions, while they decrease by 2.9 percentage points in
the case of mergers.

While efficiency gains through synergies are often argued as potential benefits of M&As, we
do not find any evidence of increased profitability for either acquiring or target firms after M&As.
This is a potentially puzzling finding, but consistent with a body of literature in corporate finance.
For instance, Malmendier et al. (2018) finds that acquiring firms that win bidding contests for target
firms suffer losses in stock returns relative to competitors. Several theoretical models show that
Mé&As can reduce firms’ profits due to CEO incentives or bias. For example, Jensen (1986) posits
that CEOs may engage in M&As due to empire-building motives and Malmendier and Tate (2005)
shows that CEO overconfidence is associated with increased M&As. It is possible that these firms

may experience an increase in profits in the long run, as it could take a while to recoup the benefits
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of M&As. Therefore, instead of claiming that M&As caused declines in profits for firms involved
in M&As, we state that the decline in profitability seems inconsistent with the rise in firms’ market

power at least in the medium run in our setting, a key potential channel we discuss in Section 6.

5.3 Post-M&A Worker-level Earnings and Job Transitions

Given the considerable turnover at target firms after M&As, changes in average payrolls may
reflect changes in worker composition. The decrease in firm-level wages could be driven by laying
off high-wage workers or reducing wage growth for existing workers, or both. We turn to the
worker-level data that allows us to flexibly control for composition by tracking the same workers
over time. We focus on incumbent workers who were already employed at their firms before the
event and follow their outcomes throughout our sample period. Here, we do not make a distinction
between workers involved in acquisitions and workers involved in mergers, although the results
are similar when we assess them separately (Appendix B).

Panel (a) of Figure 3 shows that annual earnings for incumbent workers at target firms trend
similarly to those of their matched control workers in the years prior to the event, but fall signif-
icantly afterwards. By contrast, annual earnings of incumbent workers at acquiring firms trend
similarly to those of their matched control workers and stay flat after the event. Column (1) of
Table 3 shows that workers at target firms experience a decline of 1.2 log points in annual earnings
after the M&A event on average. This decline could be due to M&A workers moving to lower-
paying firms or M&A firms reducing earnings for their incumbent workers. Column (1) shows that
the annual earnings of workers at acquiring firms did not change much on average.

The drop in employment at target firms suggests that job transitions could explain a part of
the decline in worker-level earnings. We first consider the impact of M&As on the probability of
worker transitions from a job. This transition could be to another firm or to unemployment. In
our data, most of the workers who leave their original employers do so involuntarily, but find a

job afterwards.” Panel (b) of Figure 3 plots the estimates of equation (2) with an indicator for a

20Qur data have an indicator for reasons for job separations, which can be broadly categorized

into involuntary (i.e., shortage of work, takeovers, or retirement) or voluntary (i.e., personal or
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job transition as the outcome, which equals one in year ¢ if a worker is employed in a different
firm in year ¢ than in year t — 1. As shown in the figure, job transitions spike in ¢ = 1, meaning
that many workers transitioned to another firm in the year of the M&A event. Relative to control
workers, target-firm workers are about 20 percentage points more likely to transition jobs in the
year of the M&A event. Transition rates then drop, but remain elevated relative to workers in the
control group. Given this notable increase in job separations especially in the year of the M&A
event, part of the effects on earnings may be coming from departures from their employers rather
than within-firm decreases in earnings. This also helps explain the immediate drop in target firms’
average payrolls in t = 0 (Panel (b) of Figure 2), which reflects a large compositional change due
to the significant worker departures. By contrast, we find that workers at acquiring firms do not
experience any increased probability of a job transition relative to their control counterparts.

To study the impacts solely due to within-firm changes in compensation, Panel (c) of Figure
3 restricts the analysis to workers who stay in the same firm in the years following the event.
We make this restriction for both treated workers and control workers so that the treatment group
does not mechanically contain workers who have more stable job histories. Column (3) of Table
3 shows that annual earnings for stayers in M&A firms do not change much at either target or
acquiring firms on average in the years following the event relative to the matched control stayers.

To understand how these job transitions occur, Panel (b) of Figure 4 plots the impact of M&A
on job transitions for the job mover sample. As the figure shows, most of the transitions happen
immediately at the time of the M&A, with the treated workers 70 percent more likely to move jobs
in the M&A year than the control group. However, transition rates continue to be elevated in the
following years, albeit much lower than the initial spike. It is possible that the initial transition
disrupts careers, leading to higher transition rates than in the control group even after the initial
transition.

Panel (a) of Figure 4 shows how these transitions lead to large and immediate drops in earnings

medical reasons). Roughly half of the observations in the relevant sample has “unknown’ as the
reason for job separation. Among the other half, about three quarters of workers moving from

target firms left involuntarily after the M&A event.
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of workers who move from targets to other firms within the first two years after the event. Column
(1) of Table 4 shows that these job movers experience a decline of 3.3 log points in their earnings
on average.”! Importantly, about 80 percent of these workers move to non-acquiring firms, mean-
ing that most of these job transitions are not driven by a reallocation of workers from targets to
acquirers. Interestingly, as Panel (¢) and Columns (3) — (4) show, target workers who move to non-
acquiring firms experience larger and more immediate drops in their earnings on average, relative
to workers who move to acquiring firms. Panel (d) and Column (5) show that a non-trivial share of
these workers are moving to other firms in a different industry, implying that switching an occupa-
tion via moving to a different industry could partly explain why these job movers suffer earnings
losses. In the next section, we explore potential mechanisms behind the post-M&A decline in

worker earnings and assess characteristics of the firms these workers move to after M&As.

6 Heterogeneity Analyses and Potential Mechanisms

So far we have found little evidence that the M&A events are beneficial to either firms or target
workers. In this section we explore heterogeneity across types of M&A events and types of workers

to better understand potential drivers behind our worker-level results.

6.1 Market Power

In principle, both increased labor-market power and increased product-market power may impact
firm outcomes as well as worker outcomes. For example, Prager and Schmitt (2021) and Arnold
(2025) study how M&A s that generate large shifts in concentration generate market-level declines
in wages. Similarly, shifts in product-market power could impact earnings through either changes
in labor demand or changes in rents available to be bargained over. A key prediction of models

in which market power increases is that firm profits should also increase. As already discussed

2INote that the reason why the earnings drop in t = 1 even though most of these workers moved
to other firms in ¢ = 0 is because the annual earnings in t = 0 reflects the earnings from both the
original employer and the new employer, and most job transitions at { = 0 happened late in the
calendar year, meaning the annual earnings mostly reflect the earnings from the original firm on

average.
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in Section 5, we find that both targets and acquirers experience declines in their profitability after
the event. Therefore, our firm-level results provide the first direct evidence against the increased
market power driving our worker outcomes.”” Given these results, we next examine movers from
targets who experience immediate and significant declines in their earnings after M&As. We focus
on those who move within the first two years after the event because most job transitions from
target firms happen within the first two years and are likely induced by the M&A event. Note that
control workers who were matched to these job movers are also allowed to move to other firms

after the event, but empirically, we find most of these control workers stay at their original firm.

6.2 Impacts on Job Movers

As we discussed in the previous section, we find the largest impacts for workers who transition
from target firms after the M&A event. In this section, we empirically assess mechanisms through
which job transitions impact workers. A large body of evidence studies job transitions through
mass layoffs. M&A events provide a different source of variation to study job transitions. First,
the reason for the transition, as well as the broader labor-market context, may vary significantly
between M&A events and mass layoff events. For example, while we find similar patterns of
earnings losses, the magnitude is much lower in our setting. Second, M&A events tend to be more
pro-cyclical on average (Rhodes-Kropf and Viswanathan, 2004) in contrast to mass layoffs.

To understand the sources of job movers’ earnings losses, we consider two broad classes of
mechanisms. First, job transitions may cause impacts purely from the type of firms individuals
are employed at. If M&A events cause workers to move from highly productive and large firms
to low productivity and small firms, then these compositional impacts could rationalize our re-

sults. However, we find the opposite in practice. To understand why workers still suffer earnings

22In Appendix B, we perform a variety of heterogeneity analyses to provide more evidence
against the market power channel. For example, we do not find larger declines in target workers’
earnings when an M&A event happens within the same labor market, within markets with high ini-
tial concentration, within non-tradable sectors, or within the same industry (i.e. horizontal M&As).
The overall takeaway from these results is that we find declines in worker earnings even in M&A

events that are unlikely to have any impact on labor or product market power.
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losses despite moving to better firms, we consider heterogeneity in the types of workers. We find
significant heterogeneity that can be rationalized by models of the labor market where there ex-
ists a complementarity between the worker and the firm that is specific to a given employment
relationship. We discuss potential models consistent with this evidence in Section 7.

6.2.1 Firm Composition

To understand the role of the firm, we estimate an analogue to equation (2), substituting in as
the outcome variable observable firm characteristics, such as total revenue, profit margins, and a
firm’s wage premium. To construct our comparison sample, we take movers from target firms and
their control workers, but do not condition on movement for the control workers, following the job
displacement literature. Again, we define a job transition as occurring in time ¢ if the worker is in
a different firm at ¢ relative to t — 1. Therefore, if a M&A occurs in time £ = 0, and the worker
appears in a new firm at = 1, then we define the job transition as occurring at t = 1. This is why
we observe a large spike in job transitions at = 1 in the data.

A natural way to study this question is to understand how the wage premium paid by the firm
changes after a transition. If workers are transitioning to firms that pay on average lower, then
this would rationalize the reason why target workers suffer earnings losses. This approach was
taken by Lachowska et al. (2022) and Schmieder et al. (2023) to understand the long-term earnings
losses due to mass layoffs. We measure wage premia utilizing an AKM model (Abowd et al.,
1999) that regresses log earnings observed for individual i working at firm j in year t (y;;) on
employer-specific fixed effects which reflect firm characteristics that result in above- or below-
average earnings for all workers at firm j (¢js), individual fixed effects (w;), and year effects
(T0):

Yijt = Qjip + @i + Tp + Uiy 3)

We can then assess the role played by employers by estimating an analogue to equation (2),
substituting in the estimated firm fixed effects qAb j as the outcome. The goal is to estimate the share
of earnings losses following job transitions that can be attributed to a change in the firm fixed effect.

Note that we omit M&A firms in the year of the event to avoid changes in composition affecting
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firm effects estimation, although including them does not affect our estimates. Panel (a) of Figure
5 shows estimates on the wage premia for workers at target firms who move to other firms after
the M&A event. Relative to their matched control workers, job movers from target firms show a
significant increase in their firm fixed effects after the event, implying that on average, they move
to firms with higher wage premia. Column (1) of Table 5 shows that movers from target firms
experience 3.2 log points increase in firm-specific wage premia after the event.

Importantly, most of these workers who leave target firms move to non-acquiring firms, mean-
ing that this transition is not mechanically driven by worker reallocation toward acquirers. There
are important limitations to keep in mind when interpreting these results. The AKM methodology
relies on having sufficient mobility across firms to avoid limited mobility bias as well as transitions
being independent of potential match effects. While we probe the validity of these assumptions
in Appendix A, the power of these tests is still in debate. In particular, Borovickova and Shimer
(2024) shows that common exogenous mobility tests may be underpowered in practice by present-
ing a model in which match effects are important to mobility, yet data generated from this model
pass exogenous mobility tests. The fact that we find firm premia are not good predictors of wage
changes suggests match effects are important for our subsample of workers who move after M&As.

One way to quantify this is to use an extension of the AKM model that directly estimates match
effects, first proposed by Woodcock (2015) and applied by Lachowska et al. (2022) to decompose
sources of earnings losses after job displacement. Intuitively, if the earnings for an individual at
a firm tend to be higher than expected given the individual’s person and firm fixed effects, then
it follows that the match effect is high at that firm. In Panel (b) of Figure 5 and Column (2) of
Table 5 we estimate match effects following Woodcock (2015), finding that movers from targets
experience a 9-log points decline in firm-specific match effects after the event.

Given the potential issues with interpreting the AKM effects, we also take advantage of the
rich firm balance-sheet data. Our interpretation of the AKM results is that despite moving to
better-paying firms on average, workers suffer losses. Our goal next is to understand if these

better-paying firms look positively-selected on other dimensions as well. Figure 5 shows changes
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in average firm characteristics of target workers who move to other firms after the M&A event.
Because of the tenure restriction, any change in pre-event firm characteristics is driven by yearly
changes in target firms’ characteristics. Starting from ¢ = 1, changes in firm characteristics reflect
both changes in new employers where target workers moved, and changes in target firms of workers
who had not left yet, relative to changes in firm characteristics of their matched control workers.
Among a variety of outcomes, we again find a qualitatively similar story as the AKM results. Table
5 presents the difference-in-differences results summarizing these impacts, finding workers from
target firms move to firms with higher revenue and higher profit margins on average after the event.

In the next section we explore potential mechanisms for this earnings decline.

6.2.2 Heterogeneity by Workers

In this section, we explore heterogeneity by workers to understand who is most impacted by these
job transitions. This will allow us to explore various theoretical mechanisms through which work-
ers are affected by M&As. In particular, it will allow us to understand why workers still suffer
earnings losses despite moving to larger and more profitable firms. First, we consider heterogene-
ity by worker tenure. To do so, we divide workers who move from target firms into two groups:
those with 4 years of tenure (short tenure), and those with 7 or more years of tenure (long tenure)
prior to the event.”” In Panel (a) of Figure 6, for short-tenure workers, we find small, short-run
negative impacts relative to matched control workers that disappear two years after the event.
Long-tenure workers experience a large and persistent decline in their earnings relative to matched
control workers after M&As. As shown in Column (1) of Table 6, they suffer earnings losses
of about 4.5 log points on average relative to workers with 4 years of tenure, who experience no

change in earnings on average.”*

2For this analysis, we implement another matching strategy to ensure control workers are in
the same tenure bin as the target workers. Note that our main matching strategy does not include
workers’ tenure, but our results remain similar when we use tenure as part of matching. We also
find qualitatively similar results when we use a different cut (9 or more years) to define long-tenure

workers (Appendix B).
2*In Appendix Figure B11, we find that the 5-6 year tenure group shows a similar pattern to the

7 or more years of tenure group, with the point estimates being slightly smaller in magnitude.
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Next, we exploit heterogeneity by within-firm earnings quintiles to understand the distribu-
tional impacts of job transitions due to M&As. In Panel (c) of Figure 6 we plot the impacts of
M&As for job movers from targets at the bottom quintile of the earnings distribution versus job
movers from targets at the top quintile of the distribution.”> For workers at the top quintile, we see
a 4.6 log points larger decline in earnings when they move to other firms after the event, relative to
job movers at the bottom quintile of the earnings distribution, as shown in Column (1) of Table 6.

Finally, we explore heterogeneity by types of job separations. In particular, we consider
whether the impact depends on whether the worker moves to a firm in the same industry and
whether the separation was voluntary. In Panel (a) of Figure B9 and Column (1) of Table B9 we
find larger and more persistent declines in earnings of workers who move to a different industry
after M&As. Turning to the reason of separation, we find much larger declines in earnings for
workers who involuntarily separate from their employer. Panel (a) of Figure B10 and Column
(1) of Table B10 show while voluntary switchers suffer a short-run loss in earnings, they recover

within three years of the event, while involuntary transitions result in large and sustained losses.

7 Discussion

To summarize, we find that despite moving to observably better-paying firms, workers with long-
tenure suffer substantial earnings losses. These results can be rationalized by models in which
there is a complementarity between the worker and the firm that grows with tenure. The results are
therefore inconsistent with data-generating processes in which wages are linear in worker and firm
effects, as in the AKM literature. In this section, we discuss potential models consistent with this
evidence, breaking them into two broad categories: contract-based mechanisms and productivity-
based mechanisms. In the former, contracts are structured in a way that workers earn less early
in their tenure at the firm and more later in their tenure, even if their productivity is constant over
time. In the latter, workers either become more productive at the firm over time or move to firms

in which they enjoy relatively high match effects. We find this a useful way to categorize po-

2For this analysis, we implement another matching strategy to ensure control workers are in the

same quintile of the earnings distribution within their firm as the target workers.
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tential mechanisms as the productivity-based channels suggest that M&As can destroy productive
matches, while the contract-based mechanisms are ambiguous regarding the productive impacts of
M&As. In particular, the M&A may destroy matches in which workers are being paid above their

marginal productivity, thereby increasing efficiency overall.

7.1 Contract-based Mechanisms

A number of theoretical approaches have been used to explain why wages may increase with tenure
within the firm, even if productivity is constant. Intuitively, many of these approaches argue that
increasing wages with tenure provides incentives for workers not to shirk. For example, Lazear
(1979) shows that when monitoring effort is costly, firms will optimally structure wages so that
workers are initially paid below their marginal product, but since wages rise with tenure, they
eventually are paid above their marginal product. Because workers do not want to lose the above-
productivity wages, they do not shirk in equilibrium. A similar mechanism is proposed in Shleifer
and Summers (1988), which shows that hostile takeovers may explicitly be done to breach these
contracts in which workers are overpaid.

Another set of models that can rationalize our results through contracts come from the search
literature. Burdett and Coles (2003) extends the Burdett and Mortensen (1998) search framework
to a setting in which wage contracts are posted. In their model, firms again post wage contracts
that increase with tenure in equilibrium to increase the expected value of remaining with the firm
over time. Instead of shirking while on the job, the contracts in these models are structured in a

way that reduces an employee’s desire to quit and transition to a new job.”°

Regardless of the exact
mechanism, these models all share some features relevant to our setting. First, wage profiles are

increasing in tenure, but not due to increasing worker productivity. In these models, firms generally

26Since Burdett and Coles (2003), other work has incorporated additional features of the labor
market, such as incorporating firm heterogeneity (Burdett and Coles, 2010). A distinct mechanism
arises in certain models with imperfect information. For example, Harris and Holmstrom (1982)
present a model of the labor market in which the worker and firm are unsure about worker quality,
and risk aversion on the worker side generates contracts in which senior workers earn more on

average.
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must be able to commit to the contract, otherwise they would renege on contracts in which workers
are being paid above their marginal productivity. M&As then offer an opportunity to renege on
these contracts. This could then explain why high-tenure workers suffer earnings losses despite

moving to better firms.

7.2 Productivity-based Mechanisms

Another class of models that could rationalize our findings are models in which displaced workers
were particularly productive at the firm prior to the M&A event, and that the M&A event disrupts
this match effect. There are two sub-classes of models that may generate such dynamics. First,
match effects could arise endogenously during an employment spell due to the accumulation of
firm-specific human capital, as in Lazear (2009). Since this type of productivity is firm-specific, it
is not portable across employers, implying we could see declines in wages even for workers moving
to overall better-paying firms. Second, there are also models in the macroeconomics literature on
directed search in which workers sort to firms where they enjoy particularly high match effects.
For example, Menzio and Shi (2011) develop a directed search model in which matches are formed
and persist when worker and firm complementarities are high.”’ In contrast to the contract-based
mechanism, this productivity-based mechanism suggests high-value matches are being destroyed

by the M&A activity, which results in large losses for workers, and could impact firm profits.

7.3 Suggestive Evidence on the Mechanism

An ideal way to test between these mechanisms would be to have a measure of worker productivity
at each point in time. If the main mechanism is that workers are earning high wages due to long-
term contracts that pay more later in an employment spell, we would expect to see relatively stable

productivity over time and across employment spells. In contrast, mechanisms due to firm-specific

27Schaal (2017) builds on Menzio and Shi (2011) to construct a search-and-matching model that
allows for firms of different sizes as well as long-term contracts. Again in this model, high tenure
reflects that the worker and firm have found good matches. Other models also combine aspects of
human capital accumulation as well as job search. Bagger et al. (2014) builds a general equilibrium
model of careers, allowing workers to both accumulate human capital over their careers, which

increases wages, as well as to receive competing wage offers that increase over time.
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human capital accumulation or climbing the job ladder to good matches would suggest a rise in
productivity over time, and a fall when a worker transitions due to a layoff.

While we cannot observe worker-level productivity, there are two findings that are potentially
informative about this discussion. First, if the firm fires workers who are paid above their marginal
product of labor, we would expect the firm’s profits to rise after the M&A event. However, we
see the opposite in practice. To rationalize the worker-level impacts through firing of overpaid
workers, one would need to believe that there are multiple off-setting decisions being made by
new management. In other words, in this story, new managers lay off unproductive workers, so
that overall productivity increases, but at the same time, they make other inefficient decisions,
so that overall productivity decreases at the firm. M&As are of course heterogeneous events, so
multiple channels may be at play. Second, the contract-based mechanisms also predict who is
fired during an M&A event. If the firm wants to fire overpaid workers, then it should target the
high-tenure workers at the firm. However, we find similar job separation rates between two groups.

To our knowledge, our paper is the first example of a setting in which workers face exogenous
layoff risk and end up moving to observably better firms, but still earn less. While a recent liter-
ature on job displacement differs in the amount that can be attributed to firm effects, the evidence
consistently finds workers moving to lower-paying firms after a mass layoff. Our setting therefore
offers a novel alternative to study similar questions and also raises the question about how the

context of a job transition impacts workers’ future outcomes.

8 Conclusion

In this paper, we use linked employer-employee data to connect the impact of M&A events on firms
to the impact on their employees. Previous research has looked at the financial impact on firms and
the impact on workers’ outcomes separately, but our paper is the first to link these impacts directly
using our administrative data from tax records on both firms and workers. This allows us to look
deeper into firm-based mechanisms than has been possible in previous research. We find that the

decrease in earnings of workers at targets is largely driven by those who move to other firms after
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the M&A event. While these workers move to larger firms with higher profit margins on average,
they experience a decline in their earnings.

Our results provide new evidence of the negative impact of M&As on wages and raise doubts
about the efficiency arguments made in support of M&As. Our results can also inform discussion
of competition policy. The Department of Justice 2023 Merger Guidelines expanded considera-
tion of the impact of competition policy on labor.”® In Canada, recent changes to the Competition
Act targeted both the impact of M&As on labor and how potential efficiency gains are weighed in
merger decisions. It is difficult, however, to make precise statements about the welfare implica-
tions of our findings for two reasons. First, without data on worker productivity it is not possible to
know if worker separations enhance productivity through liquidating overpaid workers or reduce
productivity by destroying productive worker-firm matches. If data on worker productivity could
be added, further investigation would be warranted to better characterize the efficiency and welfare
consequences of our findings. Second, to the extent there are worker welfare losses, policymakers
must consider tradeoffs between potential worker welfare losses and firm efficiency gains. Deter-
mining how these tradeoffs are weighted is an active area of policy debate, and understanding how

to model and quantify these various tradeoffs would be a fruitful area for future research.”

28See discussion of the historical context of the new Guidelines in Francis (2025). The case for
considering labor market inefficiency in competition policy is put forward in Hemphill and Rose

(2018) and Naidu et al. (2018).
2See a full exploration of labor market power and competition policy in Azar and Marinescu

(2024a,b).
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Figure 1: Number of M&A Events
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Notes: During our sample period, the number of M&A events is 750 per year (including multiple
events for a given firm) on average among the sample of firms eligible for matching as explained
in Section 4 (black line). Among these eligible firms, the number of M&A events in the matched
sample is 420 per year (including multiple events for a given firm) on average (red line). Section
4 describes how we construct our matched sample of firms. During our sample period, the
number of unique firms eligible for matching is 5,200. Among these firms, the unique number of
matched firms (both targets and acquirers) is 4,100. Therefore, the matching strategy finds a
counterfactual firm for about 79 percent of all eligible treated firms.
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Figure 3: Worker Earnings and Job Transitions After M&As
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Notes: These figures display event-study estimates for the impact of M&As on worker-level
outcomes, separately for workers at acquiring firms and for workers at target firms. Panel (a)
shows the estimates for log of total earnings. Panel (b) shows the estimates for job transitions.
Panel (c) shows the estimates for log of total earnings for firm stayers. The dashed lines indicate
95 percent confidence intervals where the standard errors are two-way clustered at the worker and
firm level. The M&A event is in year 0 and the coefficient is normalized to be zero in year -1.
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Figure 4: Workers Moving from Targets
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Notes: These figures display event-study estimates for the impact of M&As for workers moving
from target firms within the first two years after the event, as described in Section 4. Panel (a)
shows the estimates for log of total earnings. Panel (b) shows the estimates for job transition
probabilities. Panel (c) shows the estimates for log of total earnings based on their destination. A
small share of workers also moves within their original parent company; however, we do not
observe any impact for these workers, so we do not report their estimates here. Panel (d) shows
the estimates for the probability of transition to a different industry. The dashed lines indicate 95
percent confidence intervals where the standard errors are two-way clustered at the worker and
firm level. The M&A event is in year 0 and the coefficient is normalized to be zero in year -1.
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Figure 5: Firm Characteristics of Workers Moving from Targets
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Notes: These figures display event-study estimates for changes in average firm characteristics of
workers moving from target firms within the first two years after the event, as described in Section
6. Panel (a) shows the estimates for employer fixed effects. Panel (b) shows the estimates for
match effects between the employer and employee. The estimations for employer fixed effects
and match effects are described in Section 6. Panel (c) shows the estimates for log of revenue.
Panel (d) shows the estimate for profit margins. The dashed lines indicate 95 percent confidence
intervals where the standard errors are two-way clustered at the worker and firm level. The M&A
event is in year 0 and the coefficient is normalized to be zero in year -1.
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Figure 6: Workers Moving from Targets — By Worker Tenure and Within-Firm Wage Distribution
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Notes: These figures display event-study estimates for the impact of M&As for workers moving
from target firms within the first two years after the event. Panel A displays the estimates for
those with 4 years of tenure and for those with 7 or more years of tenure measured one year
before the event. Panel B displays the estimates for those at the bottom quintile (Q1) and for those
at the top quintile (Q5) of the within-firm earnings distribution. Panels (a) and (c) show the
estimates for log of total earnings. Panels (b) and (d) show the estimates for job transition
probabilities. The dashed lines indicate 95 percent confidence intervals where the standard errors
are two-way clustered at the worker and firm level. The M&A event is in year 0 and the
coefficient is normalized to be zero in year -1.
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Table 1: Descriptive Statistics on the Matched Sample of Firms and Workers

M (@) 3 4) 5 (0)
Acquirer Firm Control Firm  Diff (p-val)  Target Firm Control Firm  Diff (p-val)

Panel A: Firm Characteristics

Total Revenue (in millions) 61 47 14 (0.00) 33 29 4 (0.00)
Total Expenses (in millions) 57 44 13 (0.00) 32 27 4 (0.00)
Profit Margins 0.02 0.05 -0.03 (0.00) 0.01 0.05 -0.03 (0.00)
Number of Employees 186 124 61 (0.00) 106 87 19 (0.00)
Average Payrolls 51,877 51,466 411 (0.69) 49,845 48,767 1,078 (0.07)
Leverage Ratio 0.65 0.67 -0.02 (0.30) 0.70 0.66 0.04 (0.00)
Markups 1.87 1.66 0.21 (0.03) 1.87 1.67 0.20 (0.00)
Number of Firms 1,040 1,040 3,060 3,060

Panel B: Sectors (Firms)

Construction 0.06 0.06 0.05 0.05
Manufacturing 0.23 0.23 0.26 0.26
Wholesale 0.15 0.15 0.14 0.14
Retail 0.03 0.03 0.05 0.05
Transportation 0.03 0.03 0.04 0.04
Information 0.04 0.04 0.04 0.04
Services 0.33 0.33 0.32 0.32
Other Sectors 0.13 0.13 0.11 0.11

Panel C: Worker Characteristics

Total Earnings 70,046 71,386 -1,340 (0.00) 70,625 72,317 -1,691 (0.00)
Age 46.7 46.4 0.3 (0.00) 47.2 47.0 0.2 (0.00)
Female 0.30 0.30 0.00 (1.00) 0.30 0.30 0.00 (1.00)
Number of Workers 42,780 42,780 64,520 64,520

Panel D: Sectors (Workers)

Construction 0.03 0.03 0.02 0.02
Manufacturing 0.49 0.49 0.5 0.5
Wholesale 0.16 0.16 0.10 0.10
Retail 0.01 0.01 0.03 0.03
Transportation 0.03 0.03 0.03 0.03
Information 0.02 0.02 0.02 0.02
Services 0.19 0.19 0.21 0.21
Other Sectors 0.05 0.05 0.08 0.08

Notes: This table reports descriptive statistics on the matched sample of firms and workers,
measured one year prior to the event. Panel A reports firm characteristics. Columns (1) and (2)
report these statistics for acquiring firms and their matched control firms, respectively, and
column (3) reports the difference between columns (1) and (2) along with the p-value of the
difference in parentheses. Columns (4) and (5) report these statistics for target firms and their
matched control firms, respectively, and column (6) reports the difference between columns (4)
and (5) along with the p-value of the difference in parentheses. Panel B reports the distribution of
firms in the matched sample across 2-digit NAICS sectors. Panel C reports worker characteristics,
while Panel D reports the distribution of workers in the matched sample across 2-digit NAICS
sectors. Other sectors include (1) Agriculture, forestry, and fishing, (2) Mining, quarrying, and oil
and gas extraction, (3) Utilities, (4) Real estate and rental and leasing, (5) Arts, entertainment and
recreation, (6) Accommodation and food services, (7) Other services, and (8) Public
administration.
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Table 2: Difference-in-differences Estimates on Firm Outcomes

ey 2) 3) 4)
Acquisition Aggregate
Target Acquirer Acquisition ~ Merger
log(Employment) -0.089%**  (.188*** -0.006 0.024
(0.023) (0.033) (0.018) (0.038)
Mean att=-1 4.00 4.55 4.14 4.02
Adj. R squared 0.875 0.891 0.879 0.880
Firm-Year Obs. 66,680 21,930 89,230 19,100
log(Average Payrolls) -0.026** 0.011 -0.009 -0.009
(0.011) (0.014) (0.008) (0.017)
Mean att=-1 10.69 10.74 10.70 10.73
Adj. R squared 0.796 0.817 0.799 0.800
Firm-Year Obs. 66,590 21,870 89,080 19,040
Profit Margins -0.007 -0.019%* -0.009%* -0.019
(0.007) (0.009) (0.005) (0.012)
Mean at t = -1 0.02 0.02 0.02 0.00
Adj. R squared 0.356 0.355 0.352 0.380
Firm-Year Obs. 68,910 22,200 91,730 19,520
Return on Assets -0.033***  -0.013 -0.027#%*  -0.029%**
(0.006) (0.008) (0.005) (0.010)
Mean at t = -1 0.08 0.05 0.07 0.04
Adj. R squared 0.384 0.420 0.387 0.433
Firm-Year Obs. 69,900 22,390 92,900 19,690

Notes: This table reports the difference-in-differences estimates for the impact of M&As on
firm-level outcomes: log(employment), log(average payrolls), profit margins, and return on assets.
Columns (1) and (2) report the estimates for the impact of acquisitions on target firms and on
acquiring firms, respectively. Columns (3) and (4) report the estimates on the aggregate firm-level
outcomes (targets and acquirers pooled) for those involved in acquisitions and for those involved
in mergers, respectively. Standard errors, reported in parentheses, are clustered at the firm level.
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Table 3: Difference-in-differences Estimates on Worker Outcomes

(D 2) 3)
log(Earnings) Transition log(Earnings) - Stayers

Workers at Target -0.012%%* 0.067%** -0.008

(0.005) (0.007) (0.006)
Mean att=-1 11.01 0.00 11.01
Adj. R squared 0.739 0.187 0.797
Worker-Year Obs. 2,023,130 2,026,440 1,581,880
Workers at Acquirer 0.004 0.004 0.002

(0.007) (0.006) (0.008)
Mean at t = -1 11.02 0.00 11.02
Adj. R squared 0.732 0.171 0.786
Worker-Year Obs. 1,343,370 1,345,330 1,084,030

Notes: This table reports the difference-in-differences estimates for the impacts of M&As on
workers’ outcomes, separately for those at acquiring firms and for those at target firms. The
dependent variables in columns (1) and (2) are log of total earnings and the probability of job
transitions, respectively. Column (3) reports the estimates on log of total earnings for firm stayers.
The standard errors are two-way clustered at the worker and firm level.
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Table 4: Workers Moving from Targets

(D 2 3) “) ®)

log(Earnings) Transition log(Earnings) - By Destination Transition

To Acquirer To Other Firms  To Diff Industry

Workers Moving -0.033%#%* 0.187%** -0.016 -0.050%%*%* 0.054%**
from Targets (0.006) (0.005) (0.013) (0.007) (0.003)
Mean att = -1 10.98 0.00 10.96 10.93 0.00
Adj. R squared 0.739 0.317 0.765 0.736 0.167
Worker-Year Obs. 689,900 691,120 144,550 430,750 691,120

Notes: This table reports the difference-in-differences estimates for the impacts of M&As for
workers moving from target firms within the first two years after the event. Column (1) displays
the estimates for log of total earnings. Column (2) displays the estimates for the job transition
probabilities. Columns (3) and (4) display the estimates for log of total earnings based on
workers’ destination (to acquiring firms and to other firms, respectively). A small share of
workers also moves within their original parent company; however, we do not observe any impact
for these workers, so we do not report the estimates here. Column (5) displays the estimates for
the probability of transition to a different industry. The standard errors are two-way clustered at
the worker and firm level.
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Table 5: Changes in Average Firm Characteristics of Workers Moving from Targets

(1) 2 3) “4)
Employer Fixed Effect Match Effect log(Revenue) Profit Margins

Workers Moving From Targets 0.032%#* -0.090%#** 0.499%%** 0.018%%**
(0.006) (0.004) (0.055) (0.007)
Mean at t = -1 0.20 0.06 18.22 0.05
Adj. R squared 0.881 0.205 0.803 0.466
Worker-Year Obs. 684,800 677,750 649,220 650,510

Notes: This table reports the difference-in-differences estimates for changes in average firm
characteristics of workers moving from target firms within the first two years after the event.
Column (1) displays the estimates for employer fixed effects. Column (2) displays the estimates
for match effects between the employer and employee. Column (3) displays the estimates for the
log of revenue. Column (4) displays the estimates for profit margins. Standard errors, reported in
parentheses, are two-way clustered at the worker and firm level.
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Table 6: Workers Moving from Targets — By Tenure and By Within-Firm Earnings Distribution

) 2)

log(Earnings) Transition

Panel A: By Tenure

Post X Treated 0.005 0.180%*%*
(0.011) (0.008)
Post X Treated X 7+ Years of Tenure -0.045%** 0.012
(0.014) (0.010)
Mean at t = -1 (4 Years of Tenure) 10.96 0.00
Mean at t = -1 (7+ Years of Tenure) 11.03 0.00
Adj. R squared 0.745 0.404
Worker-Year Obs. (4 Years of Tenure) 186,170 186,660

Worker-Year Obs. (7+ Years of Tenure) 251,020 251,340

Panel B: By Earnings Quintile

Post X Treated -0.027** 0.181%**
(0.012) (0.006)
Post X Treated X Q5 -0.046%* 0.007
(0.021) (0.005)
Mean att=-1(Ql=1) 10.45 0.00
Meanatt=-1(Q5=1) 11.56 0.00
Adj. R squared 0.745 0.324
Worker-Year Obs. (Q1 =1) 126,710 126,980
Worker-Year Obs. (Q5=1) 119,950 120,160

Notes: This table reports difference-in-differences estimates for the impacts of M&As for workers
moving from targets within the first two years after the event. Panel A presents the estimates
separately for workers with 4 years of tenure measured one year prior to the event. The triple
interaction term captures the triple-difference estimates for those with 7 or more years of tenure.
Panel B presents the estimates separately for workers in the bottom quintile (Q1) of the
within-firm earnings distribution measured one year prior to the event, with the triple interaction
term capturing the triple-difference estimates for those in the top quintile (Q5). Column (1)
displays the estimates for the log of total earnings, and Column (2) displays the estimates for the
probability of job transition. Standard errors are two-way clustered at the worker and firm level.
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A Robustness Checks

In Appendix A, we provide results from robustness tests discussed in Sections 4 — 6.

A.1 Different Clustering

Our main firm-level results are based on clustering at the firm level and our main worker-level re-
sults are based on two-way clustering at both the firm level and worker level. We also do robustness
tests on the key firm-level and worker-level outcomes, where standard errors are clustered at the
market level (defined at the four digit NAICS by commuting zone) for firm-level results, and are
two-way clustered at the worker and market level for worker-level results. Figure Al and Table A1
show that the results on employment and average payrolls, and worker-level earnings are similar
to the main estimates. Note that the coefficient estimates on these outcomes are slightly different
from our main estimates, even though we only change the way we cluster our standard errors. This
is because some firms and workers have missing commuting zone information, so they are dropped

from our analysis sample when we cluster the standard errors at the market level.

A.2 Using Matched Control Firms in Different Markets

Matching on size, sector, and province finds firms that would plausibly exhibit common trends
in the absence of an M&A activity. However, it is possible that firms can be matched within the
same market (defined at the four-digit NAICS industry by commuting zone), which is potentially
concerning if M&As have impacts on local labor markets through increased concentration. If
Mé&As have negative effects on firms in the same market, then the impact of M&As on firms and
workers will be biased towards zero. To minimize this concern, we do a robustness check by
matching firms within the same province, but across different markets, and find similar results to
our main results where we allow M&A firms to be matched with control firms within the same
market. Figure A2 and Table A2 show that the effects on the key firm-level and worker-level

outcomes from this approach are qualitatively similar to our main estimates.

A.3 Outcomes in Levels (Replacing Missing Observations with Zeros)

We show results on the key outcomes, such as employment, average payrolls, and worker-level
earnings, in logs. A potential concern with this approach is that we cannot account for firms and
workers exiting the sample after M&As. This concern is especially relevant for target firms and for
displaced workers from targets that might exit our sample. Although we find the vast majority of
target firms continue to operate independently and most displaced workers find a job at a different
firm, we run our main analyses in levels, replacing missing observations with zeros, to account for
a small share of firms and workers who exit the sample after M&As. Figure A3 and Table A3 show
that the main results are qualitatively robust to the specification where the outcomes are measured

in levels.



A.4 By One-time vs. Repeat Acquirers

Prior research points out that a part of the motive behind M&As involves empire-building, which
could result in losses in efficiency and profitability after the event (Jensen, 1986). Even though
it 1s practically difficult to discern whether a particular acquirer has an empire-building motive
in our data, we test whether the effects on firm size and average payrolls are different depending
on whether an acquirer engages in multiple M&A transactions (roughly 30 percent of our analy-
sis sample). Specifically, we compare the outcomes of acquirers involved in a single acquisition
relative to the outcomes of acquirers involved in multiple acquisitions during our sample period.
Figure A4 and Table A4 show that acquirers involved in multiple M&A transactions tend to grow
a bit larger, in terms of the number of employees and average payrolls after the event, compared to
acquirers involved in a single M&A deal. While these results provide suggestive evidence consis-
tent with the empire-building story, these differences could be also simply driven by the fact that

acquirers involved in multiple deals might mechanically increase in size more.

A.5 Using Private Firms Only

Prior research points out that publicly listed firms engage in M&As more than private firms during
merger waves, and that acquisitions can be efficiency improving, especially when buyers and sell-
ers are publicly listed firms during on-the-wave mergers (Maksimovic et al., 2013). While the vast
majority (96 percent) of firms that go through M&As in our matched sample are private, we re-
peat our analysis focusing only on private firms, since the effects of M&As on firm-level outcomes
might be different between listed firms and private firms. Figure A5 and Table AS show that the re-
sults on firm and worker outcomes are similar to our main results where we include publicly listed

companies, implying that our results are robust to just focusing on private firms in our sample.

A.6 Using Profitability as Additional Matching Variable

In our main specification, we match firms based on their size (total revenue), average payrolls,
and age within the same sector and province to make our matched control firms comparable in
terms of their size, worker pay, and age. We do a robustness check where we additionally use a
pre-M&A measure of firms’ profitability (returns on assets) as another variable in our propensity
score matching so that M&A firms and matched control firms are also comparable in terms of
profitability. Figure A6 and Table A6 show that the effects on the key firm-level and worker-level

outcomes from this approach are qualitatively similar to our main results.

A.7 Using Workers’ Tenure as Additional Matching Variable
In our main specification, we do not match workers based on how long they have been employed
at their firm (although there is a tenure requirement of being employed at the same firm for 4 years

prior to the event). We do a robustness check where we additionally use workers’ tenure in the



propensity score matching procedure. In Figure A7 and Table A7, we find that our worker-level

results are nearly unchanged under this alternative matching procedure.

A.8 Use Sample of Unmatched Firms and Workers

In our main analysis sample, roughly 20 percent of M&A firms eligible for matching (as described
in Section 4) are not matched to their control group either because of their sector, location, or
firm characteristics. Correspondingly, about 68 percent of workers in M&A firms (eligible for
matching) are not matched to their control group either because their firms were not matched
or there are not enough control workers to be matched (as we impose that only one worker is
matched with a treated worker). In Table A8, we show characteristics of these unmatched firms
and workers. Panel A shows that unmatched firms are quite similar to our matched control firms
on average in terms of total revenue, total expenses, and leverage ratio, but are much larger in
terms of the number of employees, average payrolls, and markups. Panel C shows that unmatched
workers have much lower earnings relative to our matched control workers on average. Note that
the number of workers eligible for matching includes those at unmatched M&A firms eligible for
matching. Therefore, the match rate for workers decreases from about 60 percent (as indicated in
Section 4) to 32 percent once we include all eligible workers across all eligible firms. The match
rate for our main worker sample (around 60 percent) is computed using the sample of all eligible
workers among the matched sample of firms only.

An external validity concern is whether our matched sample of M&A firms and workers are
representative within Canada. We argue that our matched sample of firms and workers are repre-
sentative of overall M&A activities in Canada, given that we have a good match rate among firms
and workers eligible for matching. Still, we test whether our results significantly change once we
incorporate these previously unmatched set of firms and workers that were eligible for matching.

Panel (a) of Figure A7 shows the results on employment, separately for targets and for acquir-
ers involved in acquisitions, including previously unmatched M&A firms. Here, we just add these
unmatched acquirers and targets as part of the treated (M&A) group, without matching them with
possible control firms, so we still use the same set of matched control firms in this analysis. As
shown in the figure, the parallel pre-trend appears to get a bit weaker once we include previously
unmatched firms, but we still find qualitatively similar results on employment after M&As. We
find similar results on average payrolls in Panel (b). Panel (c) shows the results on worker-level
earnings, separately for workers at targets and for workers at acquirers, including previously un-
matched workers from M&A firms. While evidence for parallel pre-trends is now weaker (Panel
(a) of Figure 3), we still find qualitatively similar results on worker-level earnings after the event.
Therefore, these results suggest that our results are not driven by a particular sample of matched

M&A firms and workers in our data.



A.9 AKM Assumptions and Estimation of Match Effects
In this section, we replicate tests aimed at validating the AKM estimation of firm effects follow-
ing Card et al. (2013) and Lachowska et al. (2022), and discuss the estimation of match effects

discussed in Section 6.

A.9.1 AKM Assumption 1: Sufficient Mobility

The firm wage premium in the AKM model is identified by workers who move between firms. For
this reason, the sample formation strategy (and the underlying mobility pattern) need to exhibit
sufficient mobility to allow the firm wage premia to be estimated. In the average year during our
sample period, roughly 18 workers per employer move to other firms. Among full-time workers,
the average number of movers per employer is about 8. Across the entire sample, 77 percent
of workers make at least one move to a different firm during our sample period. Therefore, the
mobility rates in the sample we use to estimate the AKM model appear to be high and comparable

to the mobility rate in the sample used by Lachowska et al. (2022).
A.9.2 AKM Assumption 2: Exogenous Mobility

Since the firm wage premium in the AKM model is identified by workers who move between
firms, the model requires an assumption of exogenous mobility of workers between firms. If this
assumption fails, then the firm wage premium would be biased because the workers who move
would be different than those who do not move. We test this using the exercise discussed in Card
etal. (2013). We group firms into quartiles by their estimated firm fixed effects and study the wages
of workers who move between firms. If wages of movers are determined by the quartile of the firm
effects symmetrically both when moving from high to low and low to high firms, this symmetry
supports the assumption that mobility is exogenous. In contrast, if movers show systematic wage
gains regardless of the fixed effects of the origin firms and destination firms, then the assumption
of exogenous mobility could be violated.

In Figure A8, we plot the log wages of job movers for eight different quartile-to-quartile tran-
sitions. The top of the figure shows workers moving from the top (fourth) to the top quartile of
firms. The wages of these workers are high and stay high. The same stable pattern can be seen for
those going from the bottom (first) to the bottom quartile; their wages are low and stay relatively
low. In contrast, for workers going from the fourth to the first quartile of firm fixed effects, their
wages drop significantly. Symmetrically, those going from the first to the fourth quartile of firm
fixed effects see a strong increase in wages. Because the wage quality of the firm drives the wage
change of the moving worker, this provides support for the exogenous mobility assumption. How-
ever, recent work (Borovickova and Shimer, 2024) shows that common exogenous mobility tests
may be underpowered in practice by presenting a model in which match effects are important to

mobility, yet still passes proposed exogenous mobility assumptions. In our case, for the workers



that leave M&A firms after moving, this does indeed seem to be violated as we find declines in
worker earnings despite workers moving to higher-paying firms on average. This suggests that a

portion of the estimated firm effect might be driven by match effects.

A.9.3 Match Effects

Following prior studies, we estimate match effects based on Lachowska et al. (2022) which imple-
ments a strategy based on Woodcock (2015). For each employee-employer spell, we first calculate
the average of residualized log earnings (y;;) by removing calendar-year effects and regressing this
adjusted log earnings on years of job tenure and worker-employer match indicators. We then com-
pute within-match averages of the outcome after subtracting the contribution of job tenure. Then
we estimate a model similar to the AKM model in equation (3), but using within-match averages

as the dependent variable:

y_ij =+ Ty t € (A1)

where a;, T, and e;; denote the worker fixed effects, employer fixed effects, and an error term
independent of individual and firm fixed effects, respectively.
We then calculate the residuals from equation (A1) and interpret them as worker-employer

match effects averaged over the years we observe a given worker-employee match:
& = Vij — Qi — Ttjap (A2)

We proceed to take the estimated ¢;; terms relevant for the employee in each time period and use
them as the dependent variable in equation (2) to see the contribution of match effects in explaining
the earnings loss of target workers who move to other firms after the event. The decline in match
effects may imply that these workers lose the benefit of a specific employee skill set that fits better
with the previous employer. Also, the decrease in match effects could simply indicate that these
workers lose an employer-specific contract that yields a better work environment or amenity.

In Figure A9, we decompose the earnings losses of job movers from targets into (1) firm AKM
effects, (2) match effects, and (3) direct effects, where we compute the direct effects as the residuals
net of the firm AKM and match effects (Lachowska et al. 2022). As the figure shows, the decline
in job movers’ earnings cannot be attributed to the changes in firm fixed effects or direct effects;

instead, it is mostly driven by the changes in match effects.

A.10 Firm and Worker Exit

In Figure Al1, we examine how M&A events impact the probability a firm or worker exits the
sample. On the vertical axis, we plot the exit rate of firms, restricted to target firms and their

matched control groups. The exit rate at time f is defined as what fraction of firms that had em-



ployment in t — 1 no longer have any employment and exit our sample at time {. As shown in the
figure, target firms are more likely to exit the sample relative to their matched control firms. For
many of these targets, this occurs directly after the event, but exit rates continue to be elevated in
the years following the event. Turning to workers, while we do find that target workers are slightly
more likely to exit the sample (which would occur if the worker is unemployed for the entirety of

the year), the point estimate is small in magnitude.

A.11 Additional Statistics on Quality of Firm and Worker Matching

In this section, we provide additional statistics on the quality of firm and worker matching. Our
main approach is to first match exactly within cells, where cells are determined by 2-digit NAICS
sector, province, deciles of firm-level average payrolls and the same 15-quantile bins in total rev-
enue and firm age. Then, to break ties between potential matches, we implement a propensity
score model predicting treatment using a linear probability model with a quadratic function in total
revenue, average payrolls and firm age in the year prior to the M&A event. The goal of this section
is to give more details on the output of this propensity score model.

First, we show that for treated and control firms, the distribution of propensity scores over-
lap significantly. This is shown in Panel (a) of Figure A12. This implies we are not matching
our treated units with radically different control units that have very different propensity scores.
One thing to note, however, is that the propensity scores tend to be clustered at low values be-
low 6 percent. This is not particularly surprising given the large number of firms in the sample
and the relatively small number of treated firms. It is difficult to predict whether a firm will un-
dergo an M&A event. The model can explain only about 0.81% of the variation in M&A activity
across firms. The goal of the propensity score model, however, is in tie-breaking between potential
matches, and the identification strategy does not rely on being able to reliably predict the M&A
event. For the worker-level matching procedure, we find that the distributions of propensity scores
for the treated and control workers are also very similar, with a large overlap in the distribution.
In this case, the propensity scores are much higher. This is because the worker-level matching
procedure first restricts to firms in the matched firm sample. Therefore, these propensity scores
should center around 50 percent, which is what we find in the figure. Again, however, it is difficult
to predict whether a worker will be employed in the treated or control firm, with an adjusted R-
squared of 0.29%. In this case, this is potentially reassuring as it implies that worker composition
does not reliably predict differences between the treated and control firms. However, matching on
the propensity score can still be useful as it will tend to break ties by finding a worker with similar

covariates to the treated worker.



Figure Al: Different Clustering
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Notes: These figures display event-study estimates for the impact of M&As on the main
firm-level and worker-level outcomes. Panel (a) shows the estimates for log of employment for
those involved in acquisitions. Panel (b) shows the estimates for log of average payrolls for those
involved in acquisitions. Panel (c) shows the estimates for log of worker-level earnings. The
dashed lines indicate 95 percent confidence intervals where the standard errors are clustered at the
market-level (defined by 4-digit NAICS X commuting zone) for Panels (a) and (b), and two-way
clustered at the worker and market level for Panel (c). The M&A event is in year O and the
coefficient estimate is normalized to be zero in year -1.



Figure A2: Matched Control Firms in Different Markets
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Notes: These figures display event-study estimates for the impact of M&As on the main
firm-level and worker-level outcomes. For this analysis, we implement the same matching
procedure (Section 4), except that we restrict M&A firms to be at different markets (defined by
4-digit NAICS X commuting zone) from their matched control firms. Panel (a) shows the
estimates for log of employment for those involved in acquisitions. Panel (b) shows the estimates
for log of average payrolls for those involved in acquisitions. Panel (c¢) shows the estimates for
log of worker-level earnings. The dashed lines indicate 95 percent confidence intervals where the
standard errors are clustered at the firm level for Panels (a) and (b), and two-way clustered at the
worker and firm level for Panel (c). The M&A event is in year 0 and the coefficient estimate is
normalized to be zero in year -1.
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Figure A3: Outcomes in Levels (Replacing Missing with Zeros)
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Notes: These figures display event-study estimates for the impact of M&As on the main
firm-level and worker-level outcomes in levels, where we replace missing observations with zeros
if the firms or workers exit the sample. Panel (a) shows the estimates for employment for those
involved in acquisitions. Panel (b) shows the estimates for average payrolls for those involved in
acquisitions. Panel (c) shows the estimates for worker-level earnings. The dashed lines indicate
95 percent confidence intervals where the standard errors are clustered at the firm level for Panels
(a) and (b), and two-way clustered at the worker and firm level for Panel (c). The M&A event is in
year 0 and the coefficient estimate is normalized to be zero in year -1.
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Figure A4: By One-time vs. Repeat M&As (Acquirers)
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Notes: These figures display event-study estimates for the impact of M&As on the main firm-level
outcomes, separately for acquiring firms that go through an M&A only once throughout our
sample period and for acquiring firms with multiple M&A events. Panel (a) shows the estimates
for log of employment. Panel (b) shows the estimates for log of average payrolls. The dashed
lines indicate 95 percent confidence intervals where the standard errors are clustered at the firm
level. The M&A event is in year O and the coefficient estimate is normalized to be zero in year -1.
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Figure AS: Using Private Firms Only
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Notes: These figures display event-study estimates for the impact of M&As on the main
firm-level and worker-level outcomes using only private firms/workers in the matched sample. In
our matched sample, 96 percent of firms are privately-owned during our sample period. Panel (a)
shows the estimates for log of employment for those involved in acquisitions. Panel (b) shows the
estimates for log of average payrolls for those involved in acquisitions. Panel (c) shows the
estimates for log of worker-level earnings. The dashed lines indicate 95 percent confidence
intervals where the standard errors are clustered at the firm level for Panels (a) and (b), and
two-way clustered at the worker and firm level for Panel (c). The M&A event is in year 0 and the
coefficient estimate is normalized to be zero in year -1.
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Figure A6: Return on Assets as Additional Matching Variable
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Notes: These figures display event-study estimates for the impact of M&As on the main
firm-level and worker-level outcomes. For this analysis, we implement the same matching
procedure (Section 4), except that we include return on assets (ROA) as an additional matching
variable in the propensity score estimation. Panel (a) shows the estimates for log of employment
for those involved in acquisitions. Panel (b) shows the estimates for log of average payrolls for
those involved in acquisitions. Panel (c) shows the estimates for log of worker-level earnings. The
dashed lines indicate 95 percent confidence intervals where the standard errors are clustered at the
firm level for Panels (a) and (b), and two-way clustered at the worker and firm level for Panel (c).
The M&A event is in year 0 and the coefficient estimate is normalized to be zero in year -1.
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Figure A7: Tenure as Additional Matching Variable
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Notes: These figures display event-study estimates for the impact of M&As on worker-level
outcomes. For this analysis, we implement the same matching procedure (Section 4), except that
we additionally use a pre-M&A measure of workers’ tenure as a variable in our propensity score
matching. Panel (a) shows the estimates for log of total earnings. Panel (b) shows the estimates
for log of total earnings for firm stayers. Panel (c) shows the estimates for log of total earnings for
workers moving from target firms within the first two years after the event. The dashed lines
indicate 95 percent confidence intervals where the standard errors are two-way clustered at the
worker and firm level. The M&A event is in year O and the coefficient estimate is normalized to
be zero in year -1.
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Figure A8: Including Unmatched Eligible Firms and Workers
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Notes: These figures display event-study estimates for the impact of M&As on the main
firm-level and worker-level outcomes, including the eligible but unmatched sample of treated
firms/workers in our analysis sample. Panel (a) shows the estimates for log of employment for
those involved in acquisitions. Panel (b) shows the estimates for log of average payrolls for those
involved in acquisitions. Panel (c) shows the estimates for log of worker-level earnings. The
dashed lines indicate 95 percent confidence intervals where the standard errors are clustered at the
firm level for Panels (a) and (b), and two-way clustered at the worker and firm level for Panel (c).
The M&A event is in year 0 and the coefficient estimate is normalized to be zero in year -1.
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Figure A9: Exogenous Mobility Assumption
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Notes: This figure displays the estimates of the average log earnings of job movers during the
four-year period around their transition. The estimates are classified based on the quartile of firm
effects at origin firms (! = —1) and destination firms (t = 0).
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Figure A10: Decomposition of Earnings for Movers from Target Firms
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Notes: This figures displays the decomposition of log earnings for workers who move from
targets within the first two years after the event. The decomposition is attributable to the change
in employer effects, the change in employee-employer match effects, and the change in direct
effects.
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Figure A11: Probability of Exit and Transition to Unemployment
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Notes: Panel (a) displays the exit rate of firms in the matched sample, separately for target firms
and for their control firms. After the event, the probability of exiting the sample increases by 2.4
percentage points (SE = 0.006) for target firms (mostly those involved in mergers) relative to
control firms on average. Panel (b) displays the event-study estimates for the impact of M&As on
workers’ transition to unemployment. After the event, the probability of transitioning to
unemployment increases by 0.7 percentage points (SE = 0.001) for target workers relative to their
control workers on average. The standard errors are two-way clustered at the worker and firm
level. The M&A event is in year 0 and the coefficient estimate is normalized to be zero in year -1.

18



Figure A12: Propensity Scores Overlap
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Notes: These figures display the distribution of estimated propensity scores for matched treated
units and matched control units. Panel (a) shows the overlap in propensity scores for firms, where
the propensity score is estimated as explain in Section 4. Panel (b) shows the overlap in
propensity scores for workers, where the propensity score is estimated as explained Section 4. In
both panels, the distributions of propensity scores for treated and control units largely overlap,
supporting the common support assumption underlying our matching procedure.
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Table Al: Different Clustering

(1 (2) (3)
log(Employment) log(Average Payrolls) log(Earnings)

Target -0.0877%** -0.026%** -0.012%*

(0.023) (0.009) (0.006)
Mean at t = -1 4.00 10.69 11.01
Adj. R squared 0.876 0.798 0.743
Firm/Worker-Year Obs. 66,380 66,260 1,954,480
Acquirer 0.183*** 0.011 0.004

(0.038) (0.013) (0.009)
Mean att=-1 4.55 10.74 11.02
Adj. R squared 0.892 0.819 0.736
Firm/Worker-Year Obs. 21,830 21,760 1,296,770

Notes: This table reports the difference-in-differences estimates for the impacts of M&As on the
main firm-level and worker-level outcomes. The outcome variables in Columns (1) to (3) are log
of employment, log of average payrolls, and log of worker-level earnings. Columns (1) and (2)
show the results for firms involved in acquisitions. The standard errors of the firm-level estimates
are clustered at the market level (defined by 4-digit NAICS X commuting zone). The standard
errors of the worker-level estimates are two-way clustered at the worker and market level. Note
that the coefficient estimates also changed slightly from clustering at the market-level because the
information on commuting zone is missing for a small share of firms and workers, resulting in a
slightly different sample compared to our main analysis sample.
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Table A2: Matched Control Firms in Different Markets

(1 (2) (3)
log(Employment) log(Average Payrolls) log(Earnings)

Target -0.103%** -0.026** -0.016%**

(0.023) (0.011) (0.005)
Mean at t = -1 4.00 10.69 11.01
Adj. R squared 0.877 0.798 0.739
Firm/Worker-Year Obs. 65,740 65,620 1,960,640
Acquirer 0.167%*** 0.018 -0.001

(0.033) (0.014) (0.007)
Mean att=-1 4.56 10.73 11.02
Adj. R squared 0.891 0.815 0.731
Firm/Worker-Year Obs. 21,620 21,560 1,282,810

Notes: This table reports the difference-in-differences estimates for the impacts of M&As on the
main firm-level and worker-level outcomes. For this analysis, we implement the same matching
procedure (Section 4), except that we restrict M&A firms to be at different markets (defined by
4-digit NAICS X commuting zone) from their matched control firms. The outcome variables in
Columns (1) to (3) are log of employment, log of average payrolls, and log of worker-level
earnings. Columns (1) and (2) show the results for firms involved in acquisitions. The standard
errors of firm-level estimates are clustered at the firm level. The standard errors of worker-level
estimates are two-way clustered at the worker and firm level.
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Table A3: Outcomes in Levels (Replacing Missing with Zeros)

) 2) 3)
Employment Average Payrolls Earnings
Target -16.784%#%* -11,447%%* -854%*
(2.535) (732) (335)
Mean at t = -1 105.69 49,191 70,265
Adj. R squared 0.845 0.696 0.795
Firm/Worker-Year Obs. 73,430 73,340 2,190,510
Acquirer 23.33(Q%*** 1,304 66
(5.172) (1,003) (440)
Mean at t =-1 177.75 51,060 69,718
Adj. R squared 0.860 0.732 0.797
Firm/Worker-Year Obs. 23,300 23,250 1,452,090

Notes: This table reports the difference-in-differences estimates for the impacts of M&As on the
firm-level and worker-level outcomes in levels, where we replace missing observations with zeros
if the firms or the workers exit the sample. The outcome variables in Columns (1) to (3) are
employment, average payrolls, and worker-level earnings. Columns (1) and (2) show the results
for firms involved in acquisitions. The standard errors of firm-level estimates are clustered at the

firm level. The standard errors of worker-level estimates are two-way clustered at the worker and
firm level.
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Table A4: By One-time vs. Repeat M&A (Acquirer)

ey (2)
log(Employment) log(Average Payrolls)

Post X Treated 0.144 %% 0.008

(0.038) (0.017)
Post X Treated X Repeat 0.128* 0.004

(0.066) (0.027)
Mean at t = -1 (One-Time Acquirer = 1) 4.40 10.73
Mean at t = -1 (Repeat Acquirer = 1) 4.88 10.75
Adj. R squared 0.892 0.817
Firm-Year Obs. (One-Time Acquirer = 1) 15,720 15,680
Firm-Year Obs. (Repeat Acquirer = 1) 6,790 6,780

Notes: This table reports the difference-in-differences estimates of the impact of M&As on the
main firm-level outcomes for acquiring firms with only one M&A event during our sample
period. The triple interaction term captures the triple-difference estimates for acquiring firms with
repeated M&A events. Column (1) displays the estimates for log of employment. Column (2)

displays the estimates for log of average payrolls. The standard errors are clustered at the firm
level.
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Table AS: Using Private Firms Only

(1 2) 3)
log(Employment) log(Average Payrolls) log(Earnings)

Target -0.088%** -0.026** -0.012%*

(0.023) (0.011) (0.005)
Mean at t = -1 4.01 10.69 11.01
Adj. R squared 0.876 0.797 0.739
Firm/Worker-Year Obs. 65,560 65,450 1,990,940
Acquirer 0.178%** 0.008 0.003

(0.033) (0.014) (0.007)
Mean att=-1 4.56 10.73 11.02
Adj. R squared 0.894 0.818 0.732
Firm/Worker-Year Obs. 21,040 20,990 1,308,270

Notes: This table reports the difference-in-differences estimates for the impacts of M&As on the
main firm-level and worker-level outcomes using only privately-owned firms/workers in the
matched sample. In our matched sample, 96 percent of firms are private during our sample period.
The outcome variables in Columns (1) to (3) are log of employment, log of average payrolls, and
log of worker-level earnings. Columns (1) and (2) show the results for firms involved in
acquisitions. The standard errors of firm-level estimates are clustered at the firm level. The
standard errors of worker-level estimates are two-way clustered at the worker and firm level.
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Table A6: Using Return on Assets as Additional Matching Variable

(1 2) 3)
log(Employment) log(Average Payrolls) log(Earnings)

Target -0.088%** -0.024%* -0.013%*3*

(0.023) (0.011) (0.005)
Mean at t = -1 4.00 10.69 11.01
Adj. R squared 0.875 0.796 0.739
Firm/Worker-Year Obs. 66,640 66,550 2,017,820
Acquirer 0.180%** 0.012 -0.000

(0.033) (0.014) (0.007)
Mean att=-1 4.55 10.74 11.02
Adj. R squared 0.891 0.816 0.732
Firm/Worker-Year Obs. 21,920 21,860 1,334,050

Notes: Columns (1) and (2) report the difference-in-differences estimates for the impacts of
M&As on the main firm-level outcomes separately for targets and for acquirers involved in
acquisitions. For this analysis, we implement the same matching procedure (Section 4), except
that we include return on assets (ROA) as an additional matching variable in the propensity score
estimation. Column (3) reports the difference-in-differences estimates for the impact of M&As on
worker-level earnings, following the same matching. The standard errors of firm-level estimates
are clustered at the firm level. The standard errors of worker-level estimates are two-way
clustered at the worker and firm level.
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Table A7: Using Tenure as Additional Matching Variable

ey 2 3) “) &)
Worker at Acquirer Acquirer Stayers Workers at Target Target Stayers Target Movers
Post X Treated 0.000 -0.004 -0.011%%* -0.003 -0.028%#%*
(0.008) (0.009) (0.005) (0.006) (0.007)
Mean at t = -1 11.01 11.01 11.01 11.01 10.98
Adj. R squared 0.728 0.781 0.740 0.799 0.735
Worker-Year Obs. 1,157,810 944,230 1,674,640 1,320,180 597,960

Notes: This table reports the difference-in-differences estimates for the impacts of M&As on log
of worker earnings. For this analysis, we implement the same matching procedure (Section 4),
except that we include 2-year tenure bins as an additional matching variable. Column (1) shows
the estimates for all workers at acquirer firms. Column (2) shows the estimates for stayers at
acquirer firms. Column (3) shows the estimates for all workers at target firms. Column (4) shows
the estimates for stayers at target firms. Column (5) shows the estimates for workers moving from
target firms within the first two years after the event. The standard errors are clustered at the firm
level.
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Table A8: Including Unmatched Eligible Firms and Workers

(1 (2) (3)
log(Employment) log(Average Payrolls) log(Earnings)

Target -0.103%** -0.0227%*3 -0.010

(0.023) (0.007) (0.007)
Mean at t = -1 4.00 10.65 10.83
Adj. R squared 0.873 0.796 0.737
Firm/Worker-Year Obs. 73,300 73,180 3,683,250
Acquirer 0.175%*%* 0.022 0.011

(0.033) (0.015) (0.008)
Mean att=-1 4.53 10.69 10.93
Adj. R squared 0.891 0.817 0.701
Firm/Worker-Year Obs. 24,500 24,450 3,030,480

Notes: Columns (1) and (2) report the difference-in-differences estimates for the impacts of
M&As on the main firm-level outcomes separately for targets and for acquirers involved in
acquisitions, including the eligible but unmatched sample M&A firms for matching. Column (3)
reports the difference-in-differences estimates for the impact of M&As on worker-level earnings,
including the eligible but unmatched sample of workers at M&A firms. The standard errors of
firm-level estimates are clustered at the firm level. The standard errors of worker-level estimates
are two-way clustered at the worker and firm level.
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Table A9: Descriptive Statistics on Unmatched Eligible Firms and Workers

6] (@)
Acquirer  Target

Panel A: Firm Characteristics

Total Revenue (in millions) 39 23
Total Expenses (in millions) 38 23
Number of Employees 224 150
Average Wage Bill 45,092 41,960
Leverage Ratio 0.67 0.74
Markups 2.92 2.79
Number of Firms 290 810

Panel B: Sectors (Firms)

Construction 0.01 0.02
Manufacturing 0.14 0.13
Wholesale 0.05 0.08
Retail 0.04 0.03
Transportation 0.03 0.06
Information 0.15 0.19
Services 0.12 0.19
Other Sectors 0.46 0.30

Panel C: Worker Characteristics

Total Earnings 61,597 55,814
Age 47.0 45.1
Female 0.40 0.43
Number of Workers 116,710 115,360

Panel D: Sectors (Workers)

Construction 0.03 0.01
Manufacturing 0.16 0.23
Wholesale 0.07 0.08
Retail 0.10 0.42
Transportation 0.37 0.02
Information 0.06 0.02
Services 0.08 0.09
Other Sectors 0.14 0.13

Notes: This table reports descriptive statistics on the sample of eligible for matching but
unmatched M&A firms and workers, measured one year prior to the event. Panel A reports firm
characteristics such as total revenue, total expenses, number of employees, average payrolls,
leverage ratio, and markups. Panel B reports the distribution of firms in the matched sample
across 2-digit NAICS sectors. Panel C reports worker characteristics such as total annual
earnings, age, and gender. Panel D reports the distribution of workers in the matched sample
across 2-digit NAICS sectors. Other sectors include (1) Agriculture, forestry, and fishing, (2)
Mining, quarrying, and oil and gas extraction, (3) Utilities, (4) Real estate and rental and leasing,
(5) Arts, entertainment and recreation, (6) Accommodation and food services, (7) Other services,
and (8) Public administration.
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B Additional Heterogeneity Results

In Appendix B, we provide results from heterogeneity analyses in addition to those discussed
in Sections 4 — 6. Here, for worker-level analyses, we focus on target workers to see whether
alternative mechanisms can explain the decline in their earnings after M&As. For most of the
heterogeneity results, we separately look at stayers at targets and job movers from targets to get a

better sense where the effects are concentrated.

B.1 By Local vs. National M&As

While checking common pre-trends is reassuring for a causal interpretation when implementing a
difference-in-differences design, contemporaneous shocks that occur with M&A events could still
bias our results. For example, there could be a negative demand shock that affects a commuting
zone and causes both a decline in employment and wages and an increase in M&A activities as
firms get purchased before they shut down. In this case, M&A activities are correlated with shocks
that decrease labor demand. We can also have the opposite scenario.

We address this concern by considering M&As that are less likely to have been triggered by
local economic conditions of the firm. Specifically, we consider the impact of national M&As
that occur among domestic firms with multiple establishments across different commuting zones.
The intuition is that these changes in ownership are less likely to be driven by the local economic
conditions of the firms or workers. Figure B1 and Table B1 show that the effect of local M&As on
earnings of target workers is economically indistinguishable from the effect of national M&As on
the same outcome. Therefore, the decline in earnings of workers at target firms is unlikely driven

by local economic conditions of firms where M&A activities occur.

B.2 By Acquisition vs. Merger

In our analysis sample, roughly 80 percent of M&A events are acquisitions (75 percent among the
entire sample of M&A events). In other words, the vast majority of M&A events in Canada (and
in North America) involves an acquirer purchasing a part of a target’s businesses. As discussed in
Section 4, it is possible that a wage decline is larger (or smaller) in the case of a merger, where
there is a complete transfer of ownership. We explore whether impacts on worker earnings are
larger in the case of a merger, compared to an acquisition. We examine these impacts separately
for stayers and job movers, so that we can see in which group the effects are concentrated. In
Figure B2 and Table B2, we find that decreases in workers’ earnings in target firms in the case of
mergers were not larger than decreases in workers’ earnings in the case of acquisitions, suggesting
that our results are not driven by the fact the majority of our M&A events involves acquisitions.
In other words, both mergers and acquisitions create job separations of workers from target firms,

resulting in a wage loss that we observe in the data.
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B.3 By Within vs. Across Labor Markets

We explore whether impacts on worker earnings are larger in markets where merging firms are
located in the same labor market (defined at the four-digit industry by commuting zone level),
following Prager and Schmitt (2021). Once again, we look at these impacts separately for stayers
and job movers, so that we can see where the effects are concentrated. In Figure B3 and Table B3,
we find that decreases in workers’ earnings in target firms where M&As occur within the same
market were not larger than decreases in workers’ earnings where M&As occur across different
markets, suggesting a limited role for the change in concentration in explaining the change in

worker earnings after M&As.

B.4 By Initial Level of Concentration

Our findings on the decreases in employment and worker-level earnings in target firms can be po-
tentially rationalized by an increase in monopsony power of firms through increased concentration.
Prager and Schmitt (2021) and Arnold (2025) study this channel in the U.S. context and find that
M&A events that generate large shifts in concentration result in market-level declines in earnings.
While this channel may still be a factor for a subset of the M&A events we study in Canada, we
rule it out as being the only factor determining wage losses.

In particular, we find that the vast majority of M&A events have a zero predicted change in
local labor-market concentration, and even among the remaining 1 percent, the predicted change
is not large enough to generate any meaningful variation. This is consistent with the description
on the distribution of HHI in our analysis sample in the previous subsection. In contrast, Prager
and Schmitt (2021) and Arnold (2025) isolate M&A events with statistically significant increases
in concentration.

To examine this in more detail, in Figure B4 and Table B4, we turn to a metric that antitrust
authorities consider: the initial concentration level. To study this channel, we split the analysis
sample by quintiles in the HHI measured one year before the event. In both the high-concentration
markets (fifth quintile) and the low-concentration markets (first quintile), we find similar levels of
declines in earnings of either stayers at or job movers from target firms.*’ This is not surprising
given most of these events do not actually increase concentration in the local labor market.

Taken together, these results, along with the results from Section B3, suggest that increased

monopsony power due to changes in local labor-market concentration or outside options is unlikely

3Given that the change in concentration after M&As was close to zero for the vast majority of
labor markets in our sample, cutting our analysis sample based on the predicted change in HHI
after M&As, as in Arnold (2025), is not meaningful in our setting due to the lack of variation in
the predicted change in HHI.
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to be the primary driver of declines in worker earnings in our setting.’'

B.S By Initial Level of (flows-adjusted) Concentration

In the previous subsection, we show our estimates on worker earnings, separately for markets with
low level (below the first quintile) of HHI and for markets with high level (above the last quintile)
of HHI measured one year before the event. A standard Herfindahl-Hirschmann Index (HHI) takes

as given the definition of the market and then computes

HHI = Z &2, (B1)
j

as the measure of concentration. We describe a flows-adjusted concentration measure that takes
into account transitions across markets, following Arnold (2025). To begin, let market 7 be defined
by the interaction between 4-digit NAICS and commuting zone. The flows-adjusted concentrated
measure (denoted C) requires computing transition rates across markets. While, in theory, tran-
sition rates across markets may change, we instead choose to pool the entire sample in order to
retrieve a consistent and more precise measure of the rate of transitions across markets. The share

of firm j in market m is given by:

§im = Lim
m=5x . 7.
2ok Om—iLik

(B2)
where
P(klm) L,

Ak = WL_k (B3)

where P(k|m) is the probability an individual from market m transitions to market k conditional
on experiencing a transition. The intuition behind this formulation is that jobs in other markets
likely provide viable options for workers. Arnold (2025) shows that one can use a discrete choice
model and empirical flows across markets (i.e., ak—.,;) to measure the value a worker from a given
market places on another market.

Intuitively, if we observe a large number of flows from market m to k, then k likely serves as a

viable outside option. Additionally, we need to take into account the relative sizes of the markets.

31Even if the results are not driven by changes in concentration, changes in bargaining power
of workers may be independent of concentration changes. For example, He and le Maire (2025)
finds that M&A events in Denmark result in high-wage managers being replaced in target firms.
Such a change in management may result in shifts in bargaining power of workers at target firms.
However, a change in bargaining power through a change in management is only relevant for
incumbent or new workers at target firms, and thus is unlikely to explain the decline in earnings of

workers leaving target firms.
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For example, if k is a relatively small market, but we still observe high rates of flows to this market,
it must provide a particularly good option for the workers. This is why the relative size between m
and k is taken into account when determining the value individuals from m place in receiving a job

in market k. The concentration in market m is given by:

=) 2, (B4)
j

One key difference in this formulation relative to Arnold (2025) is that transitions across both
industries and locations are taken into account. In Arnold (2025), the market shares depend only
on employment in other industries within the same commuting zone. In this more general version,

the market share depends on employment in other commuting zones as well.
Figure B5 and Table BS5 show the effects of M&As on earnings of workers at target firms,
separately for markets with high (flow-adjusted) HHI and for markets with low (flow-adjusted)
HHI. Similar to our main results based on the regular HHI, these results show that the decline in

worker earnings is not larger for high-HHI markets.

B.6 Revenue, NIBTEI per worker, Markups, and Realized Capital Gains

To get a better sense of why acquirers’ and targets’ profitability decreases after M&As (as discussed
in Section 5), we assess other firm outcomes such as total revenue, NIBTEI (Net Income Before
Taxes and Extraordinary Items) per worker, markups and realized capital gains. We define the
markup as the elasticity of output with respect to variable costs as well as the variable costs share
(De Loecker and Warzynski, 2012). For the elasticity of output with respect to variable costs,
we use estimates from De Loecker et al. (2020) based on the U.S. data that allow for different
elasticities across two-digit NAICS industry codes and years. Given the elasticity estimates, this

allows us to estimate firm-level markups as the output elasticity multiplied by the inverse of the

Sales
Costs of Goods *

ownership data with the firm-level data to compute realized capital gains by owners for a given firm

variable costs (total wage bills and material costs) share: ést * Furthermore, we link
in each year. After merging individual tax returns data with the ownership data at the investor level,
we aggregate owners’ realized capital gains for each firm in each year to compute total realized
capital gains by these investors at the firm level.

Panel (a) of Figure B6 shows the results on total revenue, separately for targets and for acquirers
involved in acquisitions. Both targets’ and acquirers’ sales were in a parallel trend with those of
their matched control firms prior to the event. We find that while acquirers’ revenue increases
significantly after the event, targets’ revenue declines after the event. Even though acquirers’
sales increase after M&As, their profit margins can decrease if the costs of acquisitions outweigh
the benefits in the short to medium run. Furthermore, while the decline in targets’ revenue is

mechanical in the case of acquisitions, the decrease in profitability happens if they sold a profitable
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part of their businesses to acquirers. Panel (d) shows the aggregate outcomes (targets and acquirers
pooled) separately for those involved in acquisitions and for those involved in mergers. In both
cases, revenue significantly decreases after the event in the aggregate.

Panel (b) of Figure B6 shows the results on NIBTEI per worker, separately for targets and for
acquirers involved in acquisitions. Both targets’ and acquirers’ NIBTEI per worker were in a par-
allel trend with those of their matched control firms prior to the event, and significantly decreased
after the event. Panel (e) shows the aggregate outcomes (targets and acquirers pooled) separately
for those involved in acquisitions and for those involved in mergers. In both cases, we see sig-
nificant decreases in NIBTEI per worker for targets and acquirers on average. These results are
consistent with the decreases in profit margins and returns on assets discussed in Section 5.

Panel (c) of Figure B6 shows the results on markups, separately for targets and for acquirers
involved in acquisitions. Both targets’ and acquirers’ markups were in a parallel trend with those
of their matched control firms prior to the event, and remained relatively unchanged after the
event. Panel (f) shows the aggregate outcomes (targets and acquirers pooled) separately for those
involved in acquisitions and for those involved in mergers. In the case of acquisitions, markups
do not change much after the event. In the case of mergers, markups decrease after the event in
the aggregate. These results, in conjunction with the results on profitability, provide more direct
evidence that firms’ product market power did not increase after the event at least in the short to
medium run.

Panel (d) of Figure B6 shows the results on realized capital gains, separately for targets and for
acquirers involved in acquisitions. We find that while acquirers’ realized capital gains decreased
slightly after the event, targets’ realized capital gains increase significantly after the event. The
increase in realized capital gains at targets is driven by their initial investors selling a part of their
shares (“cashing out”) to those in acquiring firms, while the slight decrease in realized capital
gains at acquiring firms indicate that their investors were net buyers of shares after the event. Panel
(g) shows the aggregate outcomes (targets and acquirers pooled) separately for those involved in
acquisitions and for those involved in mergers. In both cases, we see increases in realized capital
gains. These results imply that even though targets’ profitability did not improve after the event,
initial investors still benefitted from the transactions by selling a part of their shares to acquirers.

To interpret the magnitude of these results, Table B6 presents the difference-in-differences
estimates on these outcomes. Columns (1) and (2) show that targets’ revenue decreases by 54.5
log points, while acquirers’ revenue increases by 26.9 log points on average. Columns (3) and (4)
show that in the aggregate, revenue decreases by 30.7 log points in the case of acquisitions, while it
decreases by 10.3 log points in the case of mergers. Columns (1) and (2) show that targets” NIBTEI
decreases by 2,887 CAD per worker, while acquirers’ NIBTEI decreases by 4,570 CAD per worker
on average. Columns (3) and (4) show that in the aggregate, NIBTEI decreases by 3,428 CAD per
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worker in the case of acquisitions, while it decreases by 7,106 CAD per worker in the case of
mergers. Columns (1) and (2) show that acquirers’ and targets’ markups do not change much after
the event on average. Columns (3) and (4) show that in the aggregate, markups do not change in
the case of acquisitions, while they decrease by 4.2 log points in the case of mergers. Columns (1)
and (2) show that targets’ realized capital gains increase by 27,700 CAD, while acquirers’ realized
capital gains decrease by 10,613 CAD on average. Columns (3) and (4) show that in the aggregate,
realized capital gains increase by 22,119 CAD in the case of acquisitions, while they increase by
33,744 CAD in the case of mergers. Overall, the decrease in profitability, without much change in
markups, suggests that neither targets nor acquirers experienced an increase in market power after
M&As at least in the short to medium run (De Loecker et al. 2020).

B.7 By Tradable vs. Non-Tradable Sectors

There are several results that suggest product market power is not the main driver of the observed
labor-market impacts. First, we find that profitability decreased for both target and acquiring firms.
If product market power increased on average after M&A events, we would expect to see a rise in
profits, not a decline (De Loecker et al. 2020). Additionally, we estimate markups and do not find
any statistically significant impacts of M&A events on markups for either target or acquiring firms.

To explore this channel further, we also conduct our analysis separately by tradable and non-
tradable goods sectors. The intuition is that an M&A would have a larger impact on a firm’s market
power if the firm does not face competition outside its geographical (i.e., international) markets.
We define firms as active in tradable good sectors if they fall under Agriculture, Forestry, Fishing,
Mining, Quarrying, and Oil and Gas Extraction, and Manufacturing. Firms active in other sectors
(i.e., Construction, Retail, Real Estate, Services, etc) are defined as falling under non-tradable
sectors (Berger et al., 2022). Figure B7 and Table B7 show that the declines in worker earnings at
target firms are not larger for non-tradable sectors. Therefore, this finding, along with the results
on decreased profit margins without much change in markups, suggests that an increase in product
market concentration seems to be unlikely the key driver behind the decline in target workers’

earnings.

B.8 By Horizontal M&As vs. Vertical M&As

In the previous subsection, we show that the decline in earnings of workers at target firms is similar
between M&As that happen in tradable sectors and those that happen in non-tradable sectors,
suggesting a limited role for the change in product market power in explaining the change in
worker earnings. To further support this conclusion, we also conduct our analysis separately by
horizontal M&As and vertical M&As. The intuition is that an M&A would have a larger impact
on firms’ market power if the acquirer buys another firm within the same industry (i.e., horizontal

Mé&As). We divide our sample of all M&A firms based on the industries of the parties involved
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in a transaction. An M&A is within-industry if the industries (4-digit NAICS) of both parties
are identical and it is between-industry (i.e., vertical M&As) if the industries are different. For
firms involved in a single M&A transaction,, we define a firm as “within” if it participated in a
within-industry M&A and as “between” if it participated in a between-industry M&A. For firms
involved in multiple M&A deals, we consider the majority of transactions to determine the within-
and between-indicator. Figure B8 and Table B8 show that the decline in worker earnings is similar
in both types of M&As. These results imply that a rise in product market power is unlikely the

main driver behind the results on worker earnings.

B.9 By Staying Within Industry/Sector vs. Moving to Different Industry/Sector
Since a non-trivial share of workers at target firms move to other firms in a different industry or
sector, we next look at job movers from targets who stay within the same industry/sector versus
those who move to a different industry/sector. As before, we examine job movers within the first
two years after the event, and focus on the firm’s industry after the first move. Then we analyze
the impacts of M&As on their earnings, separately for those who stay within the same industry
(or sector) and for those who switch to a different industry (or sector) after the event. Panel (a) of
Figure B9 and Column (1) of Table B9 show earnings of workers at target firms who stay within
the same industry versus those who move to a different industry. We see larger and more persistent
declines in earnings of workers who move to a different industry after M&As. Furthermore, Panel
(b) and Column (2) show similar patterns for workers who stay within the same sector versus those

who move to a different sector.

B.10 By Reasons for Job Separations

When workers are displaced, they may suffer larger wage losses, relative to workers who volun-
tarily leave their firms, due to the deterioration in their bargaining position. Therefore, we explore
heterogeneity by the type of transition. In our sample, roughly three quarters of these workers
leave target firms involuntarily after the M&A event.*” If our results are driven by either contract-
based mechanisms or productivity-based channels (as discussed in Section 7), we would expect
the displaced workers to experience larger declines in earnings, relative to workers that voluntarily
leave their firm. Panel (a) of Figure B10 and Column (1) of Table B10 show earnings of workers
at target firms who move to other firms, separately for those who move voluntarily and for those
who move involuntarily. Relative to their control workers, those who move involuntarily show a

larger decline in earnings compared to those who move voluntarily after the event.

32The reason for separations is missing for about a half of the observations in our matched
sample. We omit these individuals from this calculation, although the effects on earnings for these

individuals are close to zero (similar to the effects for workers who move to other firms voluntarily).
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B.11 Medium-Tenure (5-6 years) Group

In our main sample, we define short-tenure workers as those with 4 years of tenure and long-tenure
workers as those with 7 or more years of tenure prior to the event. Here, we show the results
for the medium-tenure (5 or 6 years) group. Like the workers with 7 or more years of tenure,
these workers experience persistent declines in earnings, albeit the point estimates are smaller in

magnitude than for the high-tenure group.

B.12 By Worker Age

We additionally explore whether the decline in earnings of workers at target firms is different based
on workers’ age. Prior studies have found differential impacts of firm-level shocks on worker
earnings depending on their age (Kline et al. 2019; Saez et al. 2019). As shown in Section 5, the
decline in workers’ earnings at target firms is entirely driven by those who move to other firms after
the M&A event. Therefore, we focus on job movers from target firms, and estimate what happens
to their earnings, separately across different age groups. Figure B12 and Table B12 show that
while we observe declines in earnings across all age groups for workers moving from target firms,
the decline in earnings is largest among movers who are at least 50 years old before the event.
Taken together, these results imply that there exists a substantial degree of heterogeneity across
age groups for changes in worker earnings after the M&A event. These results are consistent with

our main results based on worker tenure in Section 6.
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Figure B1: Worker-level Earnings By National M&As vs. Local M&As (Targets)
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Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers at target firms, separately for those involved in national M&A deals and for
those involved in local M&A deals. An M&A event is labeled as national if it occurs among
domestic firms with multiple establishments across different commuting zones, otherwise it is
labeled as local. Panel (a) displays the estimates for stayers and panel (b) displays the estimates
for workers moving from target firms within the first two years after the event. The dashed lines
indicate 95 percent confidence intervals where the standard errors are two-way clustered at the

worker-firm level. The M&A event is in year 0 and the coefficient estimate is normalized to be
zero in year -1.
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Figure B2: Worker-level Earnings By acquisition vs. Merger (Targets)
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Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers at target firms, separately for those involved in acquisitions and for those
involved in mergers. Panel (a) displays the estimates for stayers and panel (b) displays the
estimates for workers moving from target firms within the first two years after the event. The
dashed lines indicate 95 percent confidence intervals where the standard errors are two-way
clustered at the worker-firm level. The M&A event is in year O and the coefficient estimate is
normalized to be zero in year -1.
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Figure B3: Worker-level Earnings By Within-Market M&As vs. Across-Market M&As (Targets)
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Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers at target firms, separately for M&As that happen within the same labor
market and for M&As that happen across different labor markets. Panel (a) displays the estimates
for stayers and panel (b) displays the estimates for workers moving from target firms within the
first two years after the event. The dashed lines indicate 95 percent confidence intervals where the
standard errors are two-way clustered at the worker-firm level. The M&A event is in year 0 and
the coefficient estimate is normalized to be zero in year -1.
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Figure B4: Worker-level Earnings By Initial Level of HHI (Targets)

(a) Stayers (b) Movers

=0]
0.08
L
=0]
0.08
L

0.04
L
0.04
L

0.00
Il
0.00

-0.04
L

-0.04

-0.08
-0.08

Coefficient Estimates [Year Before Event

-0.12
Coefficient Estimates [Year Before Event

-0.12

T N T T I L
Year Relative to Event Year Relative to Event

[— a1 —e— as] [— a1 —— as]

Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers at target firms, separately for those in markets with low initial level of
concentration (first quintile) and for those in markets with high initial level of concentration (fifth
quintile). Panel (a) displays the estimates for stayers and panel (b) displays the estimates for
workers moving from target firms within the first two years after the event. The dashed lines
indicate 95 percent confidence intervals where the standard errors are two-way clustered at the

worker-firm level. The M&A event is in year 0 and the coefficient estimate is normalized to be
zero in year -1.
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Figure B5: Worker-level Earnings By Initial Level of Flow-adjusted HHI (Targets)
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Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers at target firms, separately for those in markets with low initial level of
concentration (first quintile) and for those in markets with high initial level of concentration (fifth
quintile). Panel (a) displays the estimates for stayers and panel (b) displays the estimates for
workers moving from target firms within the first two years after the event. The dashed lines
indicate 95 percent confidence intervals where the standard errors are two-way clustered at the

worker-firm level. The M&A event is in year 0 and the coefficient estimate is normalized to be
zero in year -1.
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Figure B6: Difference-in-differences Estimates on Revenue, Profitability, Markups, and Payouts
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Notes: Panels (a) — (d) display event-study estimates for the impact of M&As on other firm-level outcomes for firms involved in
acquisitions, separately for acquiring firms (navy line) and for target firms (orange line). Panel (a) shows the estimates for log of total
revenue. Panel (b) shows the estimates for NIBTEI (Net Income Before Taxes and Extraordinary Items) per worker. Panel (c) shows the
estimates for log of markups. Panel (d) shows the estimates for owners’ realized capital gains aggregated at the firm level. Panels (e) —
(h) display event-study estimates for the impact of M&As on the aggregate firm-level (targets and acquirers pooled) outcomes,
separately for those involved in acquisitions (red line) and for those involved in mergers (black line). The dashed lines indicate 95
percent confidence intervals where the standard errors are clustered at the firm level. The M&A event is in year O and the coefficient is

normalized to be zero in year -1.



Figure B7: Worker-level Earnings By Tradable Sectors vs. Non-tradable Sectors (Targets)
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Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers at target firms, separately for those in tradable sectors and for those in
non-tradable sectors. We define firms as active in tradable good sectors if they fall under
Agriculture, Forestry, Fishing, Mining, Quarrying, and Oil and Gas Extraction, and
Manufacturing. Firms active in other sectors (i.e., Construction, Retail, Real Estate, Services, etc)
are defined as falling under non-tradable sectors. Panel (a) displays the estimates for stayers and
panel (b) displays the estimates for workers moving from target firms within the first two years
after the event. The dashed lines indicate 95 percent confidence intervals where the standard
errors are two-way clustered at the worker-firm level. The M&A event is in year O and the
coefficient estimate is normalized to be zero in year -1.
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Figure B8: Worker-level Earnings By Vertical M&As vs. Horizontal M&As (Targets)
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Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers at target firms, separately for those involved in (horizontal) M&As that
happen within the same industry and for those involved in (vertical) M&As that happen across
different industries. Panel (a) displays the estimates for stayers and panel (b) displays the
estimates for workers moving from target firms within the first two years after the event. The
dashed lines indicate 95 percent confidence intervals where the standard errors are two-way

clustered at the worker-firm level. The M&A event is in year O and the coefficient estimate is
normalized to be zero in year -1.
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Figure B9: Worker-level Earnings By Transition Across and Within Industry/Sector (Targets)
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Notes: These figures display event-study estimates for the impact of M&As on log of total
earnings for workers moving from target firms within the first two years after the event, separately
for those workers who move across sectors/industries and for those workers who move within a
sector/industry. Panel (a) displays the estimates separately for those who move to firms within the
same industry and for those who move to firms in a different industry. Panel (b) displays the
estimates separately for those who move to firms within the same sector and for those who move
to firms in a different sector. The dashed lines indicate 95 percent confidence intervals where the
standard errors are two-way clustered at the worker-firm level. The M&A event is in year 0 and
the coefficient estimate is normalized to be zero in year -1.
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Figure B10: Worker-level Earnings By Type of Separation (Targets)
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Notes: These figures display event-study estimates for the impact of M&As for workers moving
from target firms within the first two years after the event, separately for those who leave
voluntarily and for those who are displaced. Panel (a) shows the estimates for log of total
earnings. Panel (b) shows the estimates for job transition probabilities. The dashed lines indicate
95 percent confidence intervals where the standard errors are two-way clustered at the worker and

firm level. The M&A event is in year 0 and the coefficient estimate is normalized to be zero in
year -1.
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Figure B11: Worker-level Earnings By Tenure (Targets)
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Notes: These figures display event-study estimates for the impact of M&As for workers moving
from target firms within the first two years after the event, restricted to workers with 5 or 6 years
of tenure prior to the event. Panel (a) shows the estimates for log of total earnings. Panel (b)
shows the estimates for job transition probabilities. The dashed lines indicate 95 percent
confidence intervals where the standard errors are two-way clustered at the worker and firm level.
The M&A event is in year 0 and the coefficient is normalized to be zero in year -1.
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Figure B12: Workers Moving from Targets By Worker Age (Targets)
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Notes: These figures display event-study estimates of the impact of M&As on worker-level
outcomes for workers moving from target firms within the first two years after the event,
separately for various age groups (20-29 years old, 30-39 years old, 40-49 years old, and 50 years
old and above). Panel (a) shows the estimates for log of total earnings. Panel (b) shows the
estimates for job transition probabilities. The dashed lines indicate 95 percent confidence
intervals where the standard errors are two-way clustered at the worker and firm level. The M&A
event is in year 0 and the coefficient estimate is normalized to be zero in year -1.
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Table B1: Worker-level Earnings By National M&As vs. Local M&As (Targets)

(1) (2)

Stayers Movers
National -0.008  -0.033%#**

(0.006) (0.007)
Mean at t = -1 11.00 10.95
Adj. R squared 0.799 0.741
Worker-Year Obs. 1,373,290 549,560
Local -0.006 -0.035%*

(0.030) (0.014)
Mean at t =-1 11.09 11.08
Adj. R squared 0.790 0.744

Worker-Year Obs. 193,180 134,420

Notes: This table reports the difference-in-differences estimates of the impact of M&As on log of
total earnings for workers at target firms, separately for those involved in national M&As and for
those involved in local M&As. An M&A event is labeled as national if it occurs among domestic
firms with multiple establishments across different commuting zones, otherwise it is labeled as
local. Columns (1) and (2) display the estimates for stayers and for workers moving from target
firms within the first two years after the event, respectively. The standard errors are two-way
clustered at the worker and firm level.
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Table B2: Worker-level Earnings By Acquisitions vs. Mergers (Targets)

(1) (2)

Stayers Movers
Acquisition -0.008  -0.035%**

(0.006) (0.007)
Mean at t = -1 11.01 10.97
Adj. R squared 0.800 0.743
Worker-Year Obs. 1,365,580 601,180
Merger 0.001 -0.030*

(0.013) (0.016)
Mean at t =-1 11.01 11.02
Adj. R squared 0.785 0.726

Worker-Year Obs. 216,050 88,190

Notes: This table reports the difference-in-differences estimates of the impact of M&As on log of
total earnings for workers at target firms, separately for those involved in acquisitions and for
those involved in mergers. Columns (1) and (2) display the estimates for stayers and for workers
moving from target firms within the first two years after the event, respectively. The standard
errors are two-way clustered at the worker and firm level.
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Table B3: Worker-level Earnings By Within Market M&As vs. Across Market M&As (Targets)

(D (2)

Stayers Movers
Across Market -0.008 -0.033%*%%*

(0.006) (0.007)
Mean att=-1 11.00 10.94
Adj. R squared 0.800 0.742
Worker-Year Obs. 1,356,640 540,190
Within Market 0.002 -0.042%%*

(0.037) (0.015)
Mean att=-1 11.10 11.09
Adj. R squared 0.786 0.743

Worker-Year Obs. 168,910 119,040

Notes: This table reports the difference-in-differences estimates of the impact of M&As on log of
total earnings for workers at target firms, separately for those involved in M&As that happen
across different labor markets (defined at the four-digit NAICS by commuting zone) and for those
involved in M&As that happen within the same labor market. Columns (1) and (2) display the
estimates for stayers and for workers moving from target firms within the first two years after the
event, respectively. The standard errors are two-way clustered at the worker and firm level.

51



Table B4: Worker-level Earnings By Initial Level of HHI (Targets)

ey 2)
Stayers  Movers
Ql -0.003  -0.023%**
(0.009)  (0.011)
Mean att =-1 11.04 11.03

Adj. R squared 0.814 0.748
Worker-Year Obs. 384,470 186,790

Q5 -0.010 -0.026*
(0.008) (0.015)
Mean att =-1 11.03 11.00

Adj. R squared 0.777 0.744
Worker-Year Obs. 379,700 122,390

Notes: This table reports the difference-in-differences estimates of the impact of M&As on log of
total earnings for workers at target firms, separately for those in markets with initially low level of
concentration (first quintile) and for those in markets with initially high level of concentration
(fifth quintile). Columns (1) and (2) display the estimates for stayers and for workers moving
from target firms within the first two years after the event, respectively. The standard errors are
two-way clustered at the worker and firm level.
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Table B5: Worker Earnings By Initial Level of Flows-Adjusted HHI (Targets)

(1 2)
Stayers ~ Movers
Ql 0.005  -0.053%#*
(0.011)  (0.015)
Mean att = -1 11.01 10.97

Adj. R squared 0.791 0.742
Worker-Year Obs. 225,660 74,940

Q5 -0.017 -0.046%**
0.011) (0.013)
Mean att =-1 11.05 10.97

Adj. R squared 0.800 0.748
Worker-Year Obs. 354,130 180,430

Notes: This table reports the difference-in-differences estimates of the impact of M&As on log of
total earnings for workers at target firms, separately for those in markets with initially low level of
concentration (first quintile) and for those in markets with initially high level of concentration
(fifth quintile). Columns (1) and (2) display the estimates for stayers and for workers moving
from target firms within the first two years after the event, respectively. The standard errors are
two-way clustered at the worker and firm level.
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Table B6: Difference-in-differences Estimates on Revenue, Profitability, Markups, and Payouts

(1) 2) 3) “)
Acquisition Aggregate
Target Acquirer Acquisition ~ Merger
log(Revenue) -0.545%%*  (0.269%*F*  -(.307*** -0.103*
(0.038) (0.048) (0.030) (0.058)
Mean at t = -1 16.37 17.02 16.53 16.45
Adj. R squared 0.820 0.861 0.829 0.840
Firm-Year Obs. 68,460 22,060 91,140 19,400
NIBTEI per Worker -2,887%  -4,570%*% 3 428%%*F 7 106FF*
(1,484) (2,329) (1,205) (2,731)
Mean att = -1 15,881 17,906 16,375 14,432
Adj. R squared 0.441 0.458 0.436 0.449
Firm-Year Obs. 65,810 21,600 88,050 18,690
log(Markups) -0.010 0.017 -0.008 -0.042
(0.019) (0.024) (0.014) (0.034)
Mean att =-1 0.42 0.40 0.42 0.39
Adj. R squared 0.762 0.817 0.773 0.755
Firm-Year Obs. 38,160 12,040 50,780 10,510
Realized Capital Gains 27,700%**  -10,613  22,119%** 33 744%%%*
(4,007) (8,302) (3,451) (8,686)
Mean att =-1 36,684 45,747 38,512 31,034
Adj. R squared 0.275 0.215 0.242 0.285
Firm-Year Obs. 46,580 12,240 59,520 11,200

Notes: This table reports the difference-in-differences estimates for the impact of M&As on
firms’ sales, NIBTEI per worker, markups, and realized capital gains. Columns (1) and (2) report
the estimates for target firms and for acquiring firms involved in acquisitions, respectively.
Columns (3) and (4) report the estimates on the aggregate (targets and acquirers pooled)
outcomes, for those involved in acquisitions and for those involved in mergers, respectively. The
standard errors are clustered at the firm level.
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Table B7: Worker-level Earnings By Tradable Sectors vs. Non-tradable Sectors (Targets)

(1) 2
Stayers Movers
Tradable -0.006  -0.031***
(0.009) (0.010)
Mean at t = -1 10.97 10.95

Adj. R squared 0.788 0.739
Worker-Year Obs. 826,140 320,350

Nontradable -0.009  -0.025%**
(0.007) (0.008)
Mean at t = -1 11.06 11.00

Adj. R squared 0.804 0.748
Worker-Year Obs. 755,700 369,300

Notes: This table reports the difference-in-differences estimates of the impact of M&As on log of
total earnings for workers at target firms, separately for those in tradable sectors and for those in
non-tradable sectors. We define firms as active in tradable good sectors if they fall under
Agriculture, Forestry, Fishing, Mining, Quarrying, and Oil and Gas Extraction, and
Manufacturing. Firms active in other sectors (i.e., Construction, Retail, Real Estate, Services, etc)
are defined as falling under non-tradable sectors. Columns (1) and (2) display the estimates for
stayers and for workers moving from target firms within the first two years after the event,
respectively. The standard errors are two-way clustered at the worker and firm level.
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Table B8: Worker-level Earnings By Vertical M&As vs. Horizontal M&As (Targets)

(1) ()
Stayers ~ Movers
Vertical M&A -0.002  -0.037#%**
(0.007)  (0.010)
Mean att = -1 10.97 10.88

Adj. R squared 0.798 0.755
Worker-Year Obs. 679,760 233,960

Horizontal M&A  -0.011  -0.032%*%**
(0.007)  (0.007)

Mean at t = -1 11.04 11.03
Adj. R squared 0.798 0.732
Worker-Year Obs. 901,990 455,670

Notes: This table reports the difference-in-differences estimates of the impact of M&As on log of
total earnings for workers at target firms, separately for those involved in (vertical) M&As that
happen across different industries and for those involved in (horizontal) M&As that happen
within the same industry. Columns (1) and (2) display the estimates for stayers and for workers
moving from target firms within the first two years after the event, respectively. The standard
errors are two-way clustered at the worker and firm level.
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Table B9: Worker-level Earnings By Transition Across and Within Industry/Sector (Targets)

(D 2)
Industry Sector
Post X Treated -0.003 -0.023##%*

(0.008) (0.007)
Post X Treated X Moved Across Industry  -0.057%**

(0.011)
Post X Treated X Moved Across Sector -0.029%**
0.011)
Mean at t = —1 (Moved Within = 1) 11.02 11.01
Mean at t = —1 (Moved Across = 1) 10.93 10.92
Adj. R squared 0.739 0.739

Worker-Year Obs. (Moved Within=1) 358,200 464,400
Worker-Year Obs. (Moved Across = 1) 333,080 226,880

Notes: This table reports the difference-in-differences estimates of the impact of M&As for
workers moving from target firms within the first two years after the event for those workers who
moved within a sector/industry. The triple interaction term captures the triple-difference estimates
for those moved across sectors/industries. Column (1) displays the estimates separately for those
who move to firms within the same industry and for those who move to firms in a different
industry. Column (2) displays the estimates separately for those who move to firms within the
same sector and for those who move to firms in a different sector. The standard errors are
two-way clustered at the worker and firm level.
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Table B10: Workers Moving from Targets By Separation Type (Targets)

(1) 2)
log(Earnings) Transition
Post X Treated -0.011 0.173%%*
(0.012) (0.007)
Post X Treated X Displaced -0.078%** 0.0337%#:%
(0.013) (0.007)
Mean at t = —1 (Voluntary = 1) 10.92 0.00
Mean at t = =1 (Displaced = 1) 10.92 0.00
Adj. R squared 0.738 0.276
Worker-Year Obs. (Voluntary = 1) 79,420 79,530

Worker-Year Obs. (Displaced = 1) 249,610 249,980

Notes: This table reports the difference-in-differences estimates for the impacts of M&As for
workers moving from target firms within the first two years after the event for those who move
voluntarily. The triple interaction term captures the triple-difference estimates for those who are
displaced. Column (1) displays the estimates for log of total earnings. Column (2) displays the
estimates for the job transition probabilities. The standard errors are two-way clustered at the
worker and firm level.
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Table B11: Worker-level Earnings By Tenure — Workers with 5-6 Years of Tenure (Targets)

6] 2)

log(Earnings) Transition

Workers Moving from Targets ~ -0.035%** 0.189%%**

(0.010) (0.007)
Mean att = -1 10.94 0.00
Adj. R squared 0.733 0.291
Worker-Year Obs. 161,390 161,660

Notes: This table reports difference-in-differences estimates of the impacts of M&As on workers
moving from target firms within the first two years after the event, for workers with 5 or 6 years of
tenure measured one year prior to the event. Column (1) displays the estimates for the log of total
earnings, and Column (2) displays the estimates for the probability of job transition. Standard
errors are two-way clustered at the worker and firm level.
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Table B12: Workers Moving from Targets — By Worker Age (Targets)

(D (2)
log(Earnings) Transition
20s -0.036%* 0.172%%*
(0.021) (0.011)
Mean at t = -1 10.69 0.00
Adj. R squared 0.764 0.282
Worker-Year Obs. 32,390 32,410
30s -0.001 0.169%**
(0.009) (0.006)
Mean at t=-1 10.98 0.00
Adj. R squared 0.73 0.267
Worker-Year Obs. 154,250 154,370
40s -0.037%%* 0.188***
(0.007) (0.006)
Mean at t=-1 11.05 0.00
Adj. R squared 0.778 0.333
Worker-Year Obs. 246,160 246,510
50+ -0.056%** 0.2007%**
(0.009) (0.007)
Mean att=-1 10.95 0.00
Adj. R squared 0.761 0.369

Worker-Year Obs. 256,090 256,800

Notes: This table reports the difference-in-differences estimates for the impacts of M&As for
workers moving from target firms within the first two years after the event across various age
groups (20-29 years old, 30-39 years old, 40-49 years old, and 50 years old and above). Column
(1) displays the estimates log of total earnings. Column (2) displays the estimates for the
transition probabilities. The standard errors are two-way clustered at the worker and firm level.
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C Additional Institutional Details and SDC Platinum Data

In Appendix C, we provide additional institutional details regarding the relevant labor regulation

in Canada and how the SDC Platinum Database categorizes different types of M&A transactions.

C.1 Labor Regulation in Canada

The Canadian and U.S. labor markets share many similarities. Labor regulation is the jurisdiction
of the provinces for most industries, but unemployment insurance is national through the Employ-
ment Insurance program. Measures of employment protection from the OECD show Canada close
to the U.S. with much lower levels of protection from dismissals than European countries (OECD,
2020). Dismissing a worker requires several weeks of advance notice to the worker and mandatory
severance depends on years of service. Non-compete clauses have recently been banned in cer-
tain provinces, but were generally unenforceable before the banning (Hanson and Cohen, 2012).
Therefore, non-compete clauses are unlikely to be a big issue for worker transitions after M&As
in our setting. One difference for labor markets is the degree of unionization. During our sample
period, the overall coverage in the private sector by union contracts is 18 percent on average, com-
pared to 8 percent in the U.S.*> While the higher union coverage may make displacing workers

difficult, it may also make M&As an attractive opportunity to restructure the firm.

C.2 SDC Categorization of M&A Transactions

In the SDC Platinum database, a merger is defined as an event in which either two parties become
one entity or an acquirer buys 100 percent of a target’s stock. By contrast, an acquisition is de-
fined as taking over either a target’s assets or a part of its stock. In the sample of all M&As that
are matched with our firm-level data in Canada between 2001 and 2017, mergers account for 25
percent (20 percent in our analysis sample) of the cases, while acquisitions account for the rest.
Acquisitions are further categorized into the following: (1) acquisition of majority interest, mean-
ing deals in which the acquirer holds less than 50 percent and is seeking to purchase 50 percent
or more, but less than 100 percent of the target company’s stock, (2) acquisition of remaining in-
terest, meaning deals in which the acquirer holds over 50 percent and is seeking to purchase 100
percent of the target company’s stock, (3) acquisition of partial interest, meaning deals in which
the acquirer holds less than 50 percent and is seeking to acquire less than 50 percent, or the ac-
quirer holds over 50 percent and is seeking less than 100 percent of the target company’s stock,

(4) acquisition of assets, meaning deals in which the assets of a company, subsidiary, division, or

3The source for the Canadian statistics is Statistics Canada, Table 14-10-0070-01, “Union
Coverage by Industry.” The source of the U.S. statistics is Bureau of Labor Statistics, Series
ID LUU0204906700, “Percent of Employed, Private Wage and Salary Workers Represented by

Unions.”
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branch are acquired, and (5) acquisition of certain assets, meaning deals in which certain assets
of a company, subsidiary, division, or branch are acquired. These events are also known as partial
acquisitions. While the acquirer may not purchase the entirety of the target in an acquisition, the
acquirer gains a controlling stake of the target in the acquisition of majority interest (10 percent of
all M&As). In this sense, an acquisition of majority interest is conceptually similar to a merger to
the extent that there is a change of control.

By contrast, when the acquirer buys the remaining interest (3 percent of all M&As), there is no
change of control since the acquirer already had a controlling stake. Similarly, when the acquirer
buys a partial interest (14 percent of all M&As), there is no change of control and the acquirer does
not have a controlling stake unless it already had more than 50 percent of the target’s stock prior
to the event.

On the other hand, when an acquirer buys the assets of the target (47 percent of all M&As),
the acquirer can buy the entire company’s assets or its division’s assets, so the acquirer may or
may not have a controlling stake in the case of asset purchases. For example, if an acquirer buys
two out of three factories owned by a target, then it appears that the acquirer now has a controlling
stake. However, even if the acquirer buys only one factory, it still controls that specific division
of the target. Therefore, it is difficult to say whether there is an absolute change of control in the
acquisition of assets without more information from the data. If the acquisition of assets leads to
a change of control, then again, it is conceptually similar to a merger. In the acquisition of certain
assets (1 percent of all M&As), however, it is unlikely that there is a change of control.

Since M&As may lead to different outcomes depending on whether there is a definite change
of control, we divide our firm-level analyses into those involving mergers and those involving
acquisitions. Furthermore, M&As may have quantitatively different impacts depending on whether
the acquirer buys a part or the entirety of the target, regardless of a change of control. Again, in
the acquisition of majority interest, there is a definite change of control and most asset acquisitions

likely result in a change of control as well, despite not buying the entire target.**

34Our main results remain qualitatively similar even if we exclude the acquisition of remaining
interest, partial interest, and certain assets (together 18 percent of all M&A deals in our data) where

there is no change of control.
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